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Abstract

The purpose of this study is to explore the comparative impact of customer interactions with
Al chatbots versus human agents in e-commerce settings, focusing on how expectations shape
satisfaction. Using Expectation Confirmation Theory (ECT) as the theoretical framework, the
research aims to examine the specific expectations customers hold when engaging with Al
chatbots compared to human live-chat agents and how these expectations influence their

overall satisfaction with both agents.

Primary research was collected using a qualitative research method by conducting semi-
structured interviews with a typical case sample of 27 Generation Z participants, analysed

through the Gioia Method to identify recurring themes.

The findings indicate that while Al chatbots offer efficiency and availability, customers still
prioritise empathy, adaptability, and problem-solving skills from human agents, particularly in
complex or emotionally charged situations. The study contributes to the existing literature by
identifying key gaps in chatbot performance and providing actionable recommendations for
balancing automation with human interaction in e-commerce customer service. Limitations and

suggestions for future research are also discussed.

Keywords: Artificial Intelligence, Chatbots, Human Agents, e-Commerce, Expectations,

Satisfaction

Page 2 of 112



Acknowledgements

I would like to first express my heartfelt gratitude to Dr. Daniela Castillo — an inspiring mentor
and exemplary guide, whose insight and support have made this academic journey and

dissertation truly enriching and fulfilling.

I would also like to express my appreciation to all the participants who generously gave their

time to contribute to this research study.

My deepest gratitude also goes to my boyfriend, for his endless love, support, patience. Your
constant encouragement, and the much-needed cups of coffee, kept me going through every

step of this journey.

I am profoundly grateful to my family for their unwavering support and commitment to my
education. Their sacrifices and constant belief in my potential have been the foundation of all

my achievements.
Lastly, I extend my deepest gratitude to my grandparents, whose love, wisdom, and

encouragement have been a constant source of strength throughout my entire life. Their

support, both seen and unseen, has played an invaluable role in shaping the person I am today.

Page 3 of 112



Table of Contents

AADSETACT ...ttt ettt h et e b et e bt e e ab e e be e eabe e bt e eabeeaeeebeens 2
ACKNOWIEAZEIMENLS .....ooutiiiiieiiecieeie ettt ettt et e st e et e et e et eeaaeeseeenbeesseeenseenenas 3
TaADIE O FIGUIES ...evvieeiiieeciee ettt ettt e et e e tb e e eeb e e enaeeesseeesaeeenneeennns 7
TabIe OF TADIES ...cueeiiiieeie ettt ettt 7
List of Acronyms and ADDBIEeVIatiONS .........c.eeeeiieeiiieeiiieeiee et e e esvee e saee e aeeeanee e 8
L INEEOUCTION ettt ettt et eb e bttt et sbe et e e e b enees 9
1.1 ReSearch QUESTIONS .......ccuuiiiiieiiiie ettt e et e e et e e e eeataeeeeenaeeeeeennneeaas 10
1.2 DiSSErtation OVETVIEW .....eeiuiieiieiieiiieiieeitesiieeteesiteettesieeeteesaeeeseesabeeseesnseenaeeenseensees 10

2. LITETatuIe REVIEW ...ccueiiiiiiiieeiie ettt ettt et e st e et e e st e e eaee e esseeesaeeennseeenseeens 12
2.1 INEEOAUCHION ...ttt ettt e h e et e et e st e e bt e e st e e seesaseeesaeenseennees 12
2.2 Chatbots: Key Characteristics and SCOPE .......c.covveviieriieeiiiiiieieesee et 13
2.2.1 Representation and Embodiment ............cceeviriiniiiiiniininiiceceneeeeeeeee 13
2.2.2 PUIPOSC.c.nitieeniieeeiieeeiteeeiteeette ettt e ettt e s tte e st eeesebeeensaeesnsaeeanseeensseeesseeensseessseesneeas 13
2.2.3 Level Of INTEIIIZENCE . .oocuviiieiieeciie ettt et e e e e e e 13

2.3 Chatbot Adoption N €-COMMEICTE ........ccueeruierieeriieeiieiieeieenireereesieeereeseeesseesseeesseenenes 14
2.4 Customer Expectations: Al Chatbot vs Human Live-Chat...........cccooeviiiiiinniinennnn. 15
2.5 Customer Satisfaction: Al Chatbot vs Human Live-Chat..........c..cccoevveviiiiiieniieneenen. 18
2.6 Conceptual Model: Expectation-Confirmation Theory ..........ccceeeuveeviieeniieeeiieeieeee 19
2.7 Attributes of Chatbot vs Human Live-Chat Interactions ...........cccceceeeeveerieecieenieeneennen. 23
2.7.1 Human-Like and Human TOUCh............ccceiiiiiiiiiiiceeee e 23
2.7.2 Empathy and Emotional Intelligence...........ccccecuveviieniieniieniieieeieeie e 24
2.7.3 Perceived Trust and Credibility ........coeecvieeiiieeiiieciecee e 25
2.7.4 Responsiveness and EffiCIENCY .........ccciviiiiiiiiiiiiiieieeeeeeceee e 26
2.7.5 Helpful and Problem-Solving SKills ..........cccciieiiiieiiieeieeceeeeee e 27
2.7.6 Reliable Information and Contextual AWareness............ceeeveerreerveereeeireeseeenneenenes 28
2777 OthEr ATTIDULES .....ceueeiiiieeiieeiee ettt ettt st nbeeeabeenaees 29

2.8 CONCIUSION ...ttt ettt st ae et st esbe et saeesbe et 45

Page 4 of 112



3. MEthOAOLOZY ...ttt et ettt e et e s abe et eesb e e seeenbeeseeenseeneas 46

3.1 Context 0f RESEATCh .....cc.uiiiiiiiii e 46
3.2 Research PhiloSOPRY .....cc.oooiiiiiiiiicieee et et 46
3.3 ReSearch APPIOaCh ...c..eeiiiiiiiiie ettt 47
3.4 Data COLLECHION «...ouviiiiiiiiiiieieciteeeee ettt sttt ettt 48
R TR 3 B o 10y A D 2 - RS TSR 48
3.4.2 Qualitative APPrOACH ...cocuviiiiiiiieiiee et 48
3.4.3 Semi-Structured INTETVIEWS ........coiuiiiiiiiiiiiiieiieeeeee e 49
344 SAMPIINEG c..eovviiieieeee ettt sttt st nae e 52
345 POt STUAY .c..eeeieieeeeee ettt et 52
3.5 Data Analysis MethOdOLOZY .......cc.eovuiriiriiniiiiiiiiniciecteee et 54
3.6 Ethical Considerations ...........cccueeiertierienieriieieeiesieete ettt sttt et eneesaeenaeenneas 55
3.7 Methodological Challenges and Limitations .............ccccevveeriienieniiienieeiiesie e 55
A RESUILS ...ttt sttt h et et h et et h e bt en e nt e b e tesatenaeenneas 56
o B 0313 0T 1o 10 WU 56
4.2 SAMPIE DESCIIPLION ..ccuvveeeiieiiieiiieeiie et ettt e et et e et etteeeaeetaesbeesseeesseessaeenseesseesnseensnas 56
4.3 Participants’ Familiarity with AI Chatbots and Human Live-Chat Agents.................... 58
4.3.1 Familiarity with AT Chatbots ........ccceeoiiiriiiiiiieiieieee e 58
4.3.2 Familiarity with Human Live-Chat AGents.........c.ccccvuveeviiieeiieeeeiie e 58
4.4 Participants’ Experiences with Al Chatbots and Human Live-Chat Agents.................. 59
4.4.1 Experiences With AT Chatbots.........cccuieiiiieiiiieiiiecieecee e 59
4.4.2 Experiences with a Human Live-Chat Agent...........ccccoevieviiienieeiiienieeiecieeeeeeen 60
4.5 Participants’ Expectations for AI Chatbots and Human Live-Chat Agents ................... 62
4.5.1 Expectations for ALl Chatbots ..........coeoieiiiiiiiiiiieieee e 62
4.5.2 Expectations for Human Live-Chat AZENts ........cccceevvveeiieeeiieeeiieeeiie e 64
4.6 Relationship between Participants’ Expectations and their Satisfaction ....................... 66
4.6.1 Speed Of RESPOMNSES. ....ceeiiiiieiiiiiie ettt tee et e s e e e e e ssaeesnaeeenneeas 68
4.6.2 Complexity Of TASKS ...cceeeiiiiiiiiieiieetee ettt 69
4.6.3 TONE Of RESPONSE ...eecuviiiiiiiiiiieiiiieeiteeritee et e e te e tee e s aee e et eesnaeeennreeesseesnaeeensneas 70

Page 5 of 112



4.6.4 Problem-SOIVING ........cccoiiiiiiiiiiiiicie et 71

4.60.5 ASSUTANCE ...couviieiiieeiiieeet ettt ettt e et e st e e et e e bt e st eebaeesbeeesneees 72
4.6.6 SCALADIIILY ...eoiiiiiieiiieieee e et e nnes 73
4.6.7 Overall Satisfaction and Frustration ..........cc.ccoeceeiieniiiiiiniiinieeeeecee e 75

4.7 CONCIUSION ...ttt ettt ettt et be et st sbe et saeenbe et 76
5. DIISCUSSION ..ttt ettt ettt e it e bt e e a bt e bt e sab e e bt e ea bt eabeesab e e bt e eabeenbeesaneens 77
5.1 INOAUCHION ...ttt ettt ettt sbe et s 77
5.2 Summary of FINAINGS......cveiiiiiiiiieeieeeee ettt e e e 77
5.3 Interpretation and Implication of FINAINgS .........coceeviiriiniiiiiniiniiiiniceccecece 77
5.3.1 Research QUESHION 1 ......coooiuiiiiiiiiiiic e e et 78
5.3.2 Research QUESHION 2 .....cc.eiiiiiiiiiiiieiie ettt ettt et 80

5.4 CONCIUSION ...ttt ettt et sat e et esb bttt e sateesbeeeabeenbeesaneens 83

6. CONCIUSION ..ttt ettt ettt e et e st e e bt e e ab e e beesnbeenaeesnseeneas 84
6.1 Contributions t0 the LIterature...........ccevieiuieiieiieniieieeieeeeee et 84
6.2 Limitations of the Study........cccviiiiiiiii e 85
6.3 FULUIE DITECTION ...uiitiiiieiteeeeeete ettt ettt sttt st e b e 85
0.4 CONCIUSION ..ottt et ettt et e et e et e e beesateenbe e seeenbeesaeeenbeesseesnseans 85
BIDLIOGIAPNY ...vveiiieiieeie ettt ettt e e taeebe e aaeenbeenneas 86
F N 0] 157 116 USRS 101
Appendix A: Final Interview GUIde..........coocveeiieiiiiiiieiieeieece et 101
Appendix B: Consent FOIM .........cccuiiiiiiiiiiieeiie ettt aae e 111

Page 6 of 112



Table of Figures

Figure 1 - Traditional Expectation Confirmation Theory (Spreng, MacKenzie and Olshavsky

Figure 2 - Comparison of Positive and Negative Attribute Expectations from Literature for a
Human Live-Chat vS AT Chatbot .........cccoiiiiiiiiiiiiiiiiiicecece et 44
Figure 3 - Induction Approach Process - Adopted from Saunders, Lewis, Thornhill (2016)..47

Figure 4 - INterview GUIAC. ......cc.uiiiiiiiiiiiiiiieecee ettt 50
Figure 5 - Screenshot of an Interaction with the Chatbot.............cccooiniiiiiiininiiie, 53
Figure 6 - Data Analysis FramewWork ...........cccoooiiiiiiiiinierieieceeeesee e 68
Table of Tables

Table 1 - Most Prominent and Prevalent Chatbot Attributes identified through Literature.....33

Table 2 - Most Prominent and Prevalent Human Live-Chat Attributes identified through
LIEETATULC ...ttt ettt et e at e et e b e e st e e bt e et e e saeeenbeesaeeeabeenaeeenbeenneas 36
Table 3 - Comparison of Most Prominent and Prevalent Al Chatbot and Human Live-Chat
Attributes identified through Literature ..........cccoeeoiieeiiieeiiieceece e 43
Table 4 - Table of PArtiCIPANTS .........cccuieriiiiiieiieeieeeie ettt et sbeesaeeenbeeeees 57

Page 7 of 112



List of Acronyms and Abbreviations

Al: Artificial Intelligence

ECT: Expectation-Confirmation Theory
HCI: Human-Computer Interaction
CAGR: Compound Annual Growth Rate
ROI: Return on Investment

EVT: Expectancy Violation Technique
CIT: Critical Incident Technique

Page 8 of 112



1. Introduction

“What if customers do not want your Al chatbot?” This question, posed in a recent Forbes
article (Faran 2024), cuts to the core of a growing concern in the digital age: while Al chatbots
promise efficiency, not all customers are willing to sacrifice human interaction for it.
According to the article, 86% of customers prefer human interaction over chatbots for customer
service, with 40% feeling frustrated when chatbots misunderstand their queries, underscoring
limitations in current Al capabilities. Although Al in customer service has surged, many

customers still value the empathy and adaptability of human agents (Faran 2024).

This contrast raises questions about the future of customer service: while chatbots offer speed
and handle routine queries, it is unclear when customers prefer them over human agents,
particularly in emotionally charged or intricate situations where the need for understanding and
nuance may influence their choice. Chatbots can enhance experiences by efficiently resolving
simple issues (Jenneboer, Herrando and Constantinides 2022), yet businesses must find the
right balance between automation and human touch as Al continues to develop (Vu, Hoang

Lai, Tran et al. 2022).

While prior research has made efforts to examine the utilisation and significance of chatbots in
service interactions (Shawar, Atwell 2007, Kumar, Israel, Malik 2018, Ambawat, Wadera
2019, De Keyser, Kocher, Alkire et al. 2019, Go, Sundar 2019, Adam, Wessel, Benlian 2020,
Adamopoulou, Moussiades 2020, Giimiis, Cark 2021, Cheng, Zhang, Cohen et al. 2022), there
is a limited body of work that explores the elements contributing to customer satisfaction after
interacting with chatbots on e-commerce websites. Additionally, it is still unclear whether, and

when, customers prefer automated chats over live human agents.

This study bridges the gap by exploring customer satisfaction with Al chatbots versus human
agents (Al Chatbots: Epley, Waytz, Cacioppo 2007, Schuetzler, Grimes, Giboney 2020,
Seeger, Pfeiffer, Heinzl 2021, Human Agents: Grandey, Goldberg, Pugh 2011, Sutanto, Palme,
Tan, et al. 2013, Giebelhausen, Robinson, Sirianni et al. 2014) By examining the roles of both
Al-powered chatbots and human live-chat agents through the lens of Expectation Confirmation
Theory (ECT), this study brings to light overlooked nuances in customer experiences, offering

fresh insights into the differences between the two communication agents. This approach
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allows for a deeper understanding of how expectations and satisfaction levels vary depending

on the type of interaction.

In this light, this study’s objectives are (1) to explore customers’ specific expectations when
interacting with Al chatbots compared to human live-chat agents on an e-commerce website;
and (2) to explore how these specific expectations influence overall customer satisfaction for

both agents.

1.1 Research Questions

Research Question 1
What are the specific expectations customers have when interacting with Al chatbots compared

to human live-chat agents on an e-commerce website?
Research Question 2
How do these specific expectations influence overall customer satisfaction when using Al

chatbots versus human live-chat agents?

1.2 Dissertation Overview

Chapter 1 — Introduction outlines the research context, purpose, and objectives.

Chapter 2 — Literature Review analyses existing literature to identify research gaps and

formulate the research questions.

Chapter 3 — Methodology describes data collection approach, detailing qualitative, semi-

structured interviews with typical case sampling.

Chapter 4 — Results presents key findings from the interviews, analysed using the Gioia

Method.

Chapter 5 — Discussion interprets the findings, connects them to the research questions,

literature and theoretical framework (ECT).
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Chapter 6 — Conclusion summarises the study, discusses limitations, and suggests areas for

future research.
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2. Literature Review

2.1 Introduction

Since Turing's (1950) introduction of human-computer interaction (HCI), the field has grown
significantly (Adamopoulou, Moussiades 2020). Chatbots now play a key role in e-commerce,
providing 24/7 support, assisting with queries, and enhancing shopping experiences
(Nicolescu, Tudorache 2022). Their efficiency and cost-effectiveness make them invaluable for
improving customer engagement and satisfaction (Widyastuti, Ferdiana, Nugroho 2023).
Understanding which factors customers look for in chatbots is crucial for optimising chatbot

performance and ensuring that businesses can meet the diverse needs of their customers.

This chapter critically evaluates literature on customer expectations and satisfaction in
interactions with Al chatbots versus human agents. It begins with chatbot definitions and their
adoption in e-commerce, then explores customer expectations and satisfaction, using Oliver’s
(2015) ECT as a theoretical framework. However, it is noteworthy that current literature falls
short of providing comprehensive insights into the expectations customers have before
interacting with a chatbot (Castillo, Farrugia 2024). Instead, studies often discuss interaction
attributes as a replacement for expectations. This literature review addresses this gap by
examining these attributes, providing a deeper understanding of factors influencing customer

experiences and satisfaction in Al versus human interactions on e-commerce platforms.
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2.2 Chatbots: Key Characteristics and Scope

It is important to first establish a clear understanding of the meaning of chatbots.

Within the field of HCIs, the term "chatbot" acts as a broad umbrella term, encompassing
various analogous concepts like conversational agents, intelligent agents, virtual agents, and
virtual assistants (o, Lee 2017). Though often used interchangeably in literature, chatbots are
uniquely characterised by aspects such as representation, embodiment, purpose, and

intelligence level (Wirtz, Patterson, Kunz et al. 2018).

2.2.1 Representation and Embodiment

Service robots interact physically with the world, possessing tangible bodies that allow real-
world actions, such as delivering items (e.g., Starship™) or guiding customers (e.g., Pepper™)
(De Keyser, Kocher, Alkire et al. 2019). In contrast, chatbots are disembodied digital entities,
their actions limited to text or voice communication on digital platforms (e.g., Alexa™) (Wirtz,

Patterson, Kunz et al. 2018).

2.2.2 Purpose

General-purpose chatbots, such as ChatGPT, are designed for open-ended conversations across
various topics, aiming to mimic human-like interaction. In contrast, domain-specific chatbots
focus on specialised tasks; for example, a bank’s chatbot assists with account balances or

password resets (Gnewuch, Morana, Adam et al. 2018).

2.2.3 Level of Intelligence

Perceived intelligence in Al depends on its agency, authority, and autonomy (Gnewuch,
Morana, Adam et al. 2018). Agency reflects a chatbot’s ability to engage dynamically in
conversations, while authority is its capacity to make decisions within its scope (Felstad,
Skjuve 2019). Autonomy measures how independently it operates. In customer service,
chatbots often rely on user input, which may reduce perceived autonomy compared to Al that

directly controls its environment (De Keyser, Kocher, Alkire et al. 2019).
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Within this thesis, the term “chatbot” is used to refer to disembodied computer programs that
make use of text-based dialogue systems to replicate human speech via a text-based interface,

to provide customer support with regards to inquiries and/or issues (Zumstein, Hundertmark

2017).

2.3 Chatbot Adoption in e-Commerce

The chatbot market has experienced significant growth in recent years, with an anticipated
compound annual growth rate (CAGR) of over 34% from 2021 to 2026 and a projected market
size of $102 billion by 2026 (Ramadass 2022).

IBM reports that Al-powered chatbots like Watson Assistant have significantly improved
customer engagement and operational efficiency, achieving a 370% ROI and generating $23
million in benefits over three years (Brodsky 2024). While these figures highlight financial
gains, they do not fully address the qualitative aspects of customer experience, raising questions
about whether economic benefits might compromise customer satisfaction, especially in

scenarios where personal engagement and empathy are vital.

In the context of e-commerce, chatbots are positioned as pivotal tools for providing customers
with round-the-clock assistance by responding to their queries, educating them about the

company's goods and services, and facilitating transactions (Ambawat, Wadera 2019).

The integration of Al into e-commerce, explored by Kumar, Rajan, Venkatesan et al. (2019),
opens new avenues for value creation. In the context of e-commerce, Al chatbots enable
seamless interactions and conversations. Customers input queries, and chatbots employ various
parameters to comprehend human intentions and respond accordingly. This stands in contrast
to traditional customer service, with in-person interactions being common, and online services

handling non-face-to-face interactions (Glimiis, Cark 2021).

The integration of technology into the customer service experience is increasingly prevalent,
with major fashion brands like Prada, Burberry, and Gucci employing customer service
chatbots (Chung, Ko, Joung et al. 2018). Notably, both online and offline service customers
have acknowledged the advantages of online service, such as efficiency, accessibility,

timesaving, and cost-effectiveness (Escobar 2016). However, research findings, such as Hill,
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Randolph Ford, Farreras’ (2015) experiment, challenge this perspective by revealing that
chatbot interactions feature longer conversations with numerous, albeit shorter, messages that
contain less richness compared to user-to-user interactions (Felstad, Brandtzaeg 2020, Hill,
Randolph Ford, Farreras 2015). Similarly, Mou and Xu (2017) highlight that customers exhibit
more open, agreeable, extroverted, conscientious, and self-disclosing behaviours when
engaging with human live-chat agents, suggesting that Al chatbots, despite their efficiency,

may lack the depth found in human interactions.

The shift from human live-chat agents to Al chatbots is largely driven by the need for cost
efficiency and scalability in businesses. Morsi (2023) emphasises that Al-powered chatbots
have become indispensable in the e-commerce sector, providing uninterrupted service and
overcoming human limitations such as fatigue and coordination issues. Their consistent,
immediate responses reduce operational costs, positioning chatbots as a viable alternative to
human agents. Advances in natural language processing are expected to further drive chatbot
adoption, reshaping customer service by balancing efficiency with customer experience (Pizzi,

Scarpi, Pantano 2021).

2.4 Customer Expectations: AI Chatbot vs Human Live-Chat

The integration of Al chatbots in e-commerce has reshaped customer service, enhancing
efficiency and offering continuous availability. However, it has also evolved customer
expectations (Misischia, Poecze, Strauss 2022). Understanding these expectations is essential
for designing customer service solutions that genuinely meet customer needs (Zamora 2017).
The critical question here is whether these technological advancements are truly aligned with
customer needs or if they are merely offering a more efficient, but less satisfying, interaction

experience.
Customer expectations in service interactions are pivotal for satisfaction and loyalty. Ziethaml,

Berry, and Parasuraman (1993) define these expectations as pre-trial beliefs about a product or

service, serving as benchmarks for performance evaluation.
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Although widely available, chatbots often fail to meet customer expectations due to limited
comprehension of human input. For example, Facebook's Project M, a text-based virtual
assistant, reportedly failed in over 70% of interactions, requiring the intervention of a human

service representative (Sheehan, Jin, Gottlieb 2020).

Adam, Wessel and Benlian (2020) suggest that anthropomorphic design elements in chatbots,
such as using first-person pronouns and engaging in small talk, can enhance the customer's
perception of social presence and increase compliance with requests. This indicates that making
chatbots more human-like can improve customer interaction. However, despite these efforts,
chatbots still frequently fail to meet expectations when it comes to understanding and
appropriately responding to complex or nuanced customer queries (Adam, Wessel, Benlian
2020). Customers expect a degree of empathy from chatbots, similar to what they would expect
from human agents (Munusamy, Chelliah, Mun 2010, Adam, Wessel, Benlian 2020,
Adamopoulou, Moussiades 2020, Jenneboer, Herrando, Constantinides 2022). The lack of
sympathy and personalisation in chatbot interactions often leads to customer dissatisfaction.
When chatbots fail to address these emotional needs, customers frequently feel a heightened
need for human intervention, seeking the empathy and personalised service that only a live

agent can provide (Castillo, Canhoto, Said 2020).

Contrastingly, Crolic, Thomaz, Hadi et al. (2022) delve into the specific context of customer
anger and how it affects interactions with chatbots. They find that anthropomorphism (the
attribution of human characteristics, emotions, or behaviours to non-human entities, such as
animals, objects, or Al technologies (Epley, Waytz, Cacioppo 2007)) can backfire in situations
where customers are angry, leading to inflated pre-interaction expectations and consequently
greater dissatisfaction when these expectations are unmet, which may subsequently lead to a
negative effect on purchase intentions. Castillo, Canhoto, and Said (2020) support this, noting
that cognitive issues, such as misunderstandings or irrelevant responses, increase frustration
and anger, especially when chatbots repeatedly fail to grasp queries or provide incorrect

information.

Pizzi, Scarpi and Pantano (2021) echo the sentiment that AI chatbots, while efficient and cost-
effective, struggle with complex and context-dependent interactions. They note that customers
hold higher expectations for human agents in terms of problem-solving and empathetic

communication. This finding supports the observations made by Nowak and Rauh (2008) and
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Culley and Madhavan (2013) who found that anthropomorphic gestures are also subject to

cultural variations that hinder their universality and affect customers’ expectations.

Although some literature addresses customer expectations in interactions with Al chatbots
versus human agents, no study to date has specifically outlined these expectations within e-
commerce settings. Existing research covers broad themes like efficiency, response accuracy,
and emotional intelligence but does not detail the distinct expectations for Al versus human
interactions in e-commerce (Nowak, Rauh 2008, Culley and Madhavan 2013, Adam, Wessel,
Benlian 2020, Castillo, Canhoto, Said 2020, Crolic, Thomaz, Hadi et al. 2022, Pizzi, Scarpi,
Pantano 2021, Cheng, Zhang, Cohen et al. 2022). This gap leaves a critical need to understand

how specific attributes of Al and human interactions align with customer expectations.

Without a detailed understanding of these expectations, e-commerce businesses risk
misaligning customer service strategies, potentially resulting in dissatisfaction and reduced
loyalty. Additionally, the lack of a comprehensive list of expectations for each interaction type
hinders effective benchmarking and improvement of AI chatbot and human live-chat

performance.

This study, therefore, aims to address this gap in the literature by providing a detailed
comparative analysis of customer expectations for Al chatbots and human live-chat agents in
e-commerce. Rather than merely listing expectations, this research will use qualitative semi-
structured interviews to explore the sensitivity customers have for each attribute, uncovering

nuanced experiences and preferences that quantitative methods might overlook.

This gap within the literature has led to this study’s first research question:

RQ1: What are the specific expectations customers have when interacting with Al

chatbots compared to human live-chat agents on an e-commerce website?
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2.5 Customer Satisfaction: AI Chatbot vs Human Live-Chat

Customer expectations are central to achieving satisfaction, as businesses must meet and
surpass these expectations to ensure customer satisfaction (Siswi, Wahyono 2020). A positive,
effortless experience not only boosts customer happiness and satisfaction but also cultivates
brand loyalty, strengthening the relationship between the customer and the brand (Sharma,
Chaubey 2014).

Online communication has become essential for improving customer satisfaction (Mclean,
Wilson 2016). The notion of a ‘customer’ has evolved. Modern customers do not want to waste
their time — they expect to reach a company anytime and anywhere (Jenneboer, Herrando,
Constantinides 2022). Due to this shift in behaviour, companies have no option than to take on
a digital shift and introduce Al chatbots. This offers customers an additional communication
method to get in touch with the brand. When brands respond proactively to the customers’
queries, they instil a sense of confidence and satisfaction within the customer (Hallowell 1996,

Jenneboer, Herrando, Constantinides 2022).

Despite the potential benefits, chatbot adoption has been lower than expected (Jenneboer,
Herrando, Constantinides 2022), primarily due to perceived unnatural interactions and privacy
concerns (Liebrecht, van Hooijdonk 2020, Ling, Tussyadiah, Tuomi et al. 2021, Nordheim,
Folstad, Bjerkli 2019). Previous studies suggest that human-like chatbots, using personalised
approaches and tailored messages, could help address these concerns, build trust, and increase
satisfaction (Balakrishnan, Dwivedi 2021, Folstad, Nordheim, Bjerkli 2018). This aligns with
Novak, Hoffman, and Yung’s (2000) findings that many customers favour human live chats for

a more positive experience, emphasising the importance of direct human interaction.

The research conducted by Chang, Kim, Beom et al. (2020) reveals that chatbots significantly
influence customers talking about a service (i.e. word-of-mouth) and their likelihood to use it
again. On the other hand, traditional customer service satisfaction has a more profound effect
on customer loyalty (Chang, Kim, Beom et al. 2020, Jenneboer, Herrando, Constantinides

2022).
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De Cicco, Da Costa e Silva, and Palumbo (2020) found that revealing a chatbot's identity can
reduce social presence, trust, and positive attitudes towards the retailer. Conversely, when
chatbot identity is not disclosed, customers often show higher trust and more favourable
attitudes. This indicates that thoughtful design and transparency are essential for Al tools to

effectively boost customer satisfaction.

Considering the limited literature on customer expectations for interactions with Al chatbots
versus human live chat agents, it is unsurprising that research is also scarce on how these

expectations impact overall customer satisfaction in these interactions.

While some research examines the effectiveness and efficiency of Al chatbots and human live-
chat agents independently (Felstad, Nordheim, Bjorkli 2018, Nordheim, Folstad, Bjerkli 2019,
Liebrecht, van Hooijdonk 2020, Balakrishnan, Dwivedi 2021, Ling, Tussyadiah, Tuomi et al.
2021, Pizzi, Scarpi, Pantano 2021), there is a lack of studies directly comparing the two in
terms of customer expectations and satisfaction. This gap leaves a critical void in understanding
how each type of support influences overall satisfaction. Moreover, existing literature often
treats Al chatbots and human agents separately, without fully exploring the comparative

expectations and satisfaction levels they evoke.

This gap within the literature has led to this study’s second research question:

RQ2: How do these specific expectations influence overall customer satisfaction when

using Al chatbots versus human live-chat agents?

2.6 Conceptual Model: Expectation-Confirmation Theory

To effectively assess customer expectations in chatbot interactions, it is crucial to adopt a
theoretical framework that addresses this aspect comprehensively. ECT, developed by Oliver
(1980), 1s well-suited for this purpose. ECT suggests that customer satisfaction is largely
determined by the extent to which pre-consumption expectations align with or exceed the actual
performance of a product or service. The theory comprises four main constructs: expectations,

perceived performance, confirmation or disconfirmation, and satisfaction (Oliver 2015).
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Figure 1 - Traditional Expectation Confirmation Theory (Spreng, MacKenzie and Olshavsky 1996)

Expectations are the initial beliefs that customers hold about a product or service, influenced
by prior experiences, marketing communications, and word-of-mouth (Crolic, Thomaz, Hadi
etal. 2022, Ziethaml, Berry, Parasuraman 1993). These expectations set the benchmark against
which actual performance is measured, with higher expectations creating a higher bar for

satisfaction, while lower expectations are more easily met or exceeded.
Expectations can be categorised into five levels.

Basic expectations refer to the minimum standards required for a service to function effectively.
These expectations are foundational; when unmet, they lead to immediate dissatisfaction but
meeting them alone does not necessarily result in satisfaction (Parasuraman, Zeithaml, Berry

1985).

Performance expectations go beyond these basic needs, shaped by prior experiences and social
influences, and represent the anticipated level of quality or effectiveness that customers expect

(Oliver 1980).

Delight expectations involve a hope that the service will exceed standard performance,
providing an unexpectedly satisfying experience. Kumar, Olshavsky and King (2001) define
delight as a stronger emotional response than satisfaction, occurring when a service not only

meets functional needs but also surprises the customer.

Latent expectations are subconscious assumptions that customers may not explicitly express
but still expect to be fulfilled, representing an essential layer of expectations that businesses

must account for (Zeithaml, Berry, Parasuraman 1993).
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Finally, ideal expectations represent the highest standards that customers aspire to, shaped by
personal needs, past experiences, and word-of-mouth. Parasuraman, Zeithaml and Berry (1985)
explain that ideal expectations embody the highest level of service quality, where customers
feel completely fulfilled when these standards are met. However, achieving ideal expectations

consistently can be challenging due to their aspirational nature.

Perceived performance is the customer’s assessment of how well the product or service
performs during the interaction, including attributes such as response time, accuracy, empathy,

and problem-solving ability (Liao 2007).

Confirmation or disconfirmation arises when actual performance is compared to initial
expectations. Positive confirmation occurs when performance meets or exceeds expectations,

while negative disconfirmation results from performance falling short (Lankton, McKnight

2012).

Satisfaction is the ultimate construct, representing the overall contentment or dissatisfaction
that results from the confirmation or disconfirmation of expectations. This satisfaction level
subsequently influences customer behaviours, including repurchase intentions, word-of-mouth

recommendations, and loyalty (Oliver 2015).

While ECT has been widely applied to various technologies and services, there remains a gap
in its application specifically to chatbot and human live-chat interactions (Ghazali, Mutum,
Lun 2023). Additionally, the literature predominantly relies on quantitative methodologies,
with limited use of qualitative approaches that often provide deeper insights into complex
phenomena, such as customer interactions with Al chatbots and human live-chat agents in e-

commerce (Eren 2020, Go, Sundar 2019).

This study seeks to address this gap by applying ECT to examine how customer expectations
of Al chatbots versus human live-chat agents affect overall satisfaction within e-commerce.
ECT’s systematic approach offers a structured framework for investigating the nuances of
customer interactions with these distinct service agents. By emphasising the impact of
expectations on attitudes and behaviours, ECT underscores the importance of expectation
confirmation or violation in shaping customer experiences in interactions with both Al chatbots

and human live-chat agents.
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Using ECT offers distinct advantages for this research. Firstly, ECT provides a well-established
and comprehensive framework for examining satisfaction formation, capturing the entire
journey from initial expectations through perceived performance to final satisfaction. This
holistic perspective is essential for understanding the evolution of customer interactions with
Al chatbots and human agents (Kumar, Israel, Malik 2018). Secondly, ECT has a robust
empirical foundation, with numerous studies validating its constructs and interrelationships
across various contexts (Fu, Zhang, Chan 2018). Thirdly, given that expectations significantly
shape customer satisfaction, ECT’s focus on expectation-confirmation aligns closely with the
study’s objectives. By examining how different expectations are confirmed or disconfirmed in
interactions with Al chatbots versus human agents, ECT facilitates deeper insights into the

dynamics of customer satisfaction.

An alternative theory, Expectancy Violation Theory (EVT), explores how deviations from
expected behaviours impact interpersonal communication outcomes (Burgoon 2016). Initially
applied to nonverbal communication, EVT has been expanded to contexts like mass media
(Walther-Martin 2015) and online interactions (Baxter, Braithwaite 2013). EVT suggests that
expectation violations initiate an appraisal process, leading to either positive or negative

outcomes based on the perceived benefits of the violator’s actions (Burgoon 2016).

While EVT offers insights into the effects of unexpected behaviours, its primary focus on
violations of social norms is less aligned with this study’s aims (Burgoon, Bonito, Lowry et al.
2016, Rheu, Dai, Meng et al. 2024). In contrast, ECT’s structured approach to understanding
how expectations are formed and then confirmed or disconfirmed provides a more systematic
framework for examining customer satisfaction in e-commerce interactions. ECT’s emphasis
on the relationship between expectations and satisfaction aligns closely with the study’s

objectives, making it the preferred theoretical framework for this research.

As previously noted, the existing literature lacks a clear definition of customers' true
expectations when interacting with Al chatbots versus human live-chat agents, often
substituting attributes for genuine expectations. To effectively compare and contrast data on
customer expectations and their impact on satisfaction, it is crucial to first recognise and
understand how the literature defines the attributes of chatbot interactions and how these

compare to those of human live-chat interactions.
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2.7 Attributes of Chatbot vs Human Live-Chat Interactions

The literature outlines numerous attributes (specific characteristics, features or qualities),
associated with interactions involving both Al chatbots and human live-chat agents. In
describing these attributes, the literature captures the elements that shape the experience of
interacting with either an Al chatbot or a human agent. Some attributes are shared across both
mediums, emphasising essential qualities that define effective customer service overall.
However, there are also notable contrasts that highlight the distinct advantages and challenges

inherent to each type of interaction.

2.7.1 Human-Like and Human Touch

Research by Zarouali, Van Den Broeck, Walrave et al. (2018) highlights the importance of
designing anthropomorphic Al chatbots in e-commerce to improve customer experience,
emphasising perceived helpfulness and utility as critical factors shaping customer attitudes.
Social Response Theory, as presented by Nass and Moon (2000) and Nass, Steuer, Tauber
(1994), supports this notion, suggesting that HCIs are inherently social. People tend to interact
with computers in socially acceptable ways, even though they cognitively recognise that
computers lack emotions and motives (Schuetzler, Grimes, Giboney 2020). Anthropomorphic
design in chatbots can evoke a sense of social presence, encouraging customers to engage as

they would with humans (Epley, Waytz, Cacioppo 2007).

However, limitations exist with anthropomorphism in Al chatbots. Tsai, Liu, and Chuan (2021)
caution that relying too heavily on human-like features can lead to unrealistic customer
expectations, and when chatbots fail to meet these expectations, it often results in

disappointment.

In contrast, human live-chat interactions are praised for their inherent personal touch, an
element that Al chatbots may struggle to replicate. McLean, Osei-Frimpong, Wilson et al.
(2020) underscores the importance of attributes like human warmth, assurance, attentiveness,
and customised responses in live-chat interactions. Live agents can adapt to customers’
emotional tones and specific needs, leading to more satisfying and personalised experiences

(Giebelhausen, Robinson, Sirianni et al. 2014). However, Ashfaqg, Yun, Yu et al. (2020) found
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that while chatbots are useful, they often lack the depth required for complex problem-solving,

further emphasising the comparative value of human agents.

The value of human touch in live-chat interactions, however, is not absolute. Mou and Xu
(2017) discovered that while customers appreciate human interaction, it does not always result
in higher satisfaction. In cases where efficiency and quick resolution are prioritised, the added
personal touch may not significantly enhance satisfaction, suggesting that the effectiveness of
live-chat interactions may be context-dependent, where customer needs and interaction context

influence the relative importance of personalisation and human touch versus efficiency.

Overall, comparing human-like attributes in Al chatbots with the human touch in live-chat
interactions reveals a nuanced landscape. While anthropomorphic design in chatbots can boost
social presence and engagement, it risks setting expectations that may lead to disappointment.
Conversely, human live-chat interactions excel in providing personalised, adaptive responses,
especially in complex situations, though their impact may diminish in scenarios focused on

efficiency.

2.7.2 Empathy and Emotional Intelligence

Empathy and emotional intelligence are essential attributes in both AI chatbot and human live-

chat interactions, each presenting unique strengths and challenges.

In AI chatbot interactions, empathy is recognised as crucial. Chatbots employing warm,
empathetic expressions can enhance the customer experience and satisfaction (Vu, Hoang Lai,
Tran et al. 2022), aligning with research demonstrating that empathy in technology agents
positively influences customer perceptions (Da Costa Liberato, Alén-Gonzalez, de Azevedo
Liberato 2018, Finstad 2010, Pappas, Pateli, Giannakos et al. 2014, Portela, Granell-Canut
2017). However, empathetic responses in chatbots face limitations. Han, Yin, and Zhang (2022)
found that while empathetic chatbots can increase perceptions of warmth, they often struggle
to convey competence, especially when handling service issues, which may reduce customer
trust and satisfaction. Similarly, Agarwal, Maiya, and Aggarwal (2021) noted that chatbots
trained to demonstrate empathy often fail to accurately recognise and respond to complex

human emotions, leading to ineffective responses that can heighten frustration.
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Failures in empathetic responses from chatbots frequently amplify customer frustration and
scepticism. Studies by Seeger, Pfeiffer, and Heinzl (2021) and Mozafari, Weiger, and
Hammerschmidt (2022) show that such failures often cause customers to abandon interactions

and reduce their willingness to engage with chatbots in future.

Empathy and emotional intelligence are equally fundamental to effective human live-chat
interactions. McLean and Osei-Frimpong (2017) emphasise that service representatives use
emoticons to convey empathy and a human touch, helping to overcome the limited emotional
expressiveness of text-based communication and boosting customer satisfaction and loyalty.
Hill, Randolph Ford, and Farreras (2015) further found that customers generally feel more

confident and at ease with human live-chat due to the emotional nuances that humans provide.

However, applying emotional intelligence in human live-chat also presents challenges.
Grandey, Goldberg, and Pugh (2011) highlight that, while emotional labour is often necessary,
excessive efforts to display emotional intelligence can lead to employee burnout, ultimately

affecting service quality and customer perceptions.

Overall, empathy and emotional intelligence play critical roles in both Al chatbot and human
live-chat interactions. Chatbots can enhance customer experience through empathetic design
but risk frustrating customers when responses lack depth. Human agents excel at providing
nuanced emotional support, though sustaining this level of empathy can impact employee well-

being and service quality.

2.7.3 Perceived Trust and Credibility

Trust is a critical component shaping customer satisfaction in interactions with Al chatbots. Vu,
Hoang Lai, Tran et al. (2022) stress that perceived trust is essential for a satisfactory online
experience, playing a pivotal role in customer perception and loyalty. This finding is supported
by Akter, D’Ambra, and Ray (2013), who discovered that perceived trust significantly

influences customers' intentions to continue using digital services.

However, trust in Al chatbots can be fragile. While chatbots can build trust through consistency
and reliability, Han, Yin, and Zhang (2022) note that competence perception, especially in

handling complex issues or service failures, remains a challenge. Customers may hesitate to
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fully trust chatbots if they perceive limitations in the chatbot’s ability to understand and address

their concerns effectively.

Trust is equally crucial in both Al chatbot and human live-chat interactions, significantly
affecting customer satisfaction and loyalty. Gefen, Karahanna, and Straub (2003) highlight that
human interactions are often inherently more trustworthy due to the perceived expertise and
authenticity of live agents. This trust is further reinforced by agents' ability to provide detailed
explanations, reassurances, and transparency during service. Ashfaq, Yun, Yu et al. (2020)
confirm that trust strongly influences satisfaction in both AI and human interactions, with
human agents generally enjoying higher trust levels because of their adaptability to customer

needs.

Nevertheless, trustworthiness in human agents has its own challenges. Xiao and Benbasat
(2007) found that inconsistencies or errors in human responses can diminish perceived
trustworthiness and satisfaction. Unlike AI chatbots, which operate on programmed
consistency, human agents may unintentionally introduce variability, impacting trust levels,

especially in contexts requiring precise and consistent information.

2.7.4 Responsiveness and Efficiency

Responsiveness is a crucial factor shaping customer satisfaction in both Al chatbot and human
live-chat interactions, though its impact varies. Research paints a nuanced picture of how

responsiveness affects these two types of customer service experiences.

For Al chatbots, Vu, Hoang Lai, Tran et al. (2022) found that responsiveness alone did not
significantly influence customer satisfaction, possibly due to evolving expectations for
automated services. Studies by Munusamy, Chelliah and Mun (2010), Wang and Shieh (2006),
and Zaim, Bayyurt, and Zaim (2010) suggest that customers now anticipate a baseline level of
quick responses from automated systems, making basic responsiveness less impactful.
However, Jiang, Cheng, and Yang (2022) offer a different perspective, indicating that when
responsiveness is paired with a conversational tone, it significantly enhances satisfaction. They
argue that chatbots employing dialogic, human-like communication styles foster stronger
customer relationships, suggesting that while basic speed may not suffice, responsiveness

combined with engaging dialogue can improve customer satisfaction.
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Conversely, human live-chat interactions are often lauded for their responsiveness, especially
when agents are supported by advanced CRM systems. Collier and Bienstock (2006) found
that quick, accurate responses from human agents greatly enhance satisfaction, particularly for
urgent or sensitive issues. Hill, Randolph Ford, and Farreras (2015) support this, noting that
while chatbots can be efficient, they often lack the depth and responsiveness provided by

human agents.

Customer preferences also vary by task type. Meuter, Ostrom, Roundtree et al. (2000) found
that for highly routine tasks, customers may prefer the efficiency of automated responses over
human interaction, as they often find it more satisfying for straightforward inquiries. This
suggests that while human agents excel in delivering nuanced and responsive service for
complex matters, automated systems may be better suited for repetitive tasks requiring quick,

consistent responses.

2.7.5 Helpful and Problem-Solving Skills

This attribute is vital for both Al chatbot and human live-chat interactions, though it presents
distinct qualities in each context. For example, Edwards, Edwards, Spence et al. (2014), using
the CASA (Computers are Social Actors) paradigm, found no significant differences between
Al chatbots and human agents regarding source credibility, interaction intentions, and
communication competence. Chatbots were seen as attractive, credible, and competent in
interactional intentions, yet, in both social and task contexts, human agents were perceived as
more attractive, suggesting that while chatbots are effective communicators, they may lack

certain relational qualities where human agents excel.

Human agents, in particular, are better suited to managing unexpected issues and complex
problem-solving. Jiang, Guo, Wei et al. (2022) found that customers value live agents’ ability
to think creatively and offer unscripted solutions, which enhances the perceived competence
and reliability of the service. This adaptability in problem-solving gives human agents an edge
over more rigid automated systems. Mou and Xu (2017) further highlight that customers tend
to show higher trust and satisfaction when complex queries are handled by humans,

underscoring the critical role of human ingenuity in addressing multifaceted issues.
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Conversely, research by Adam, Wessel, and Benlian (2020) indicates that for straightforward,
routine inquiries, customers often prefer automated solutions due to their speed and
consistency. Automated systems can efficiently provide quick, reliable answers without
requiring human intervention, which can be more satisfying for customers dealing with simple
matters. This is supported by Inavolu (2024), who noted that the efficiency of automated
systems in handling routine tasks often surpasses that of human agents, making them the

preferred option for such interactions.

2.7.6 Reliable Information and Contextual Awareness

Al chatbots have demonstrated considerable effectiveness in enhancing customer satisfaction
through the quality of information and service they provide. Ashfaq, Yun, Yu et al. (2020) found
that chatbots delivering high-quality information and service significantly increase customer
satisfaction. Huang and Gursoy (2024) further support this, identifying that chatbots positively
influence satisfaction by using appropriate language styles and offering both emotional and
informational support during various stages of decision-making. These studies underscore
chatbots' ability to provide reliable, timely, and contextually relevant information, making them

valuable tools in customer service.

Contextual awareness also plays a significant role in customer satisfaction in human live-chat
interactions, though it manifests differently. Liao, Davis, Geyer et al. (2016) note that human
agents excel at maintaining context and coherence, even during complex or lengthy
conversations, ensuring customers feel understood and valued - an area where chatbots may
struggle. Hill, Randolph Ford, and Farreras (2015) found that human interactions tend to be

richer in content and context, enhancing the overall quality and satisfaction of the experience.

However, the benefits of contextual awareness provided by human agents do not universally
lead to higher satisfaction. Hill, Randolph Ford, and Farreras (2015) also observed that in high-
pressure situations, the detailed inquiries needed for contextual understanding can be seen as
time-consuming and less efficient, potentially reducing satisfaction. This suggests that while
human agents are adept at delivering detailed and contextually rich information, there can be

trade-offs in efficiency and perceived responsiveness.
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2.7.7 Other Attributes

The literature identifies usability, accessibility, and hedonistic features as key attributes that

distinguish Al chatbots from human live-chat agents.

Usability is central to shaping customer attitudes toward chatbots, with factors like ease of use,
the Personalisation-Privacy Paradox (the trade-off between the benefits of personalised
services and the concerns about privacy), and perceived usefulness being significant influences
on satisfaction (Araujo, Casais 2020, Vu, Hoang Lai, Tran et al. 2022). However, some research
notes that chatbots' limited ability to manage unexpected issues or provide personalised

responses can lead to frustration and decreased satisfaction (Liao, Davis, Geyer et al. 2016).

Accessibility also plays a vital role. Although early studies found that increased accessibility
enhances satisfaction (Orden-Mejia, Huertas 2021), Vu, Hoang Lai, Tran et al. (2022) noted no
direct link to satisfaction among younger users, who may take accessibility as a given. This
finding aligns with research by Biswas, Omar, Rashid-Radha (2020) and Assaker, Hallak, Assaf
et al. (2015), who emphasise age as a moderating factor in the accessibility-customer

satisfaction relationship.

Hedonistic features, which enhance enjoyment and engagement, further contribute to customer
experience, especially in education and health contexts (Folstad, Brandtzaeg 2020). However,
customers typically prioritise practical attributes like efficiency and effectiveness over

hedonistic aspects, particularly when task completion is the main goal (Felstad, Skjuve 2019).

Overall, the effectiveness of Al chatbots compared to human live-chat interactions appears to

depend heavily on context.
The tables below summarise the most prominent attributes identified in the literature for both

Al chatbot interactions (Table 1) and human live-chat interactions (Table 2). Additionally,

Table 3 provides a comparative overview of these attributes across both interaction types.
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Attribute

Endorse

Details

Challenge

Details

Human-Like

Zarouali, Van Den
Broeck, Walrave ct
al. (2018)

Recommend
anthropomorphic
Al chatbots in e-

commerce to

enhance user
experience,
emphasising
perceived
helpfulness and
utility.

Nass, Moon (2000);
Nass, Steuer, Tauber
(1994)

Human-computer
interactions are
social, with users
perceiving
computers as social
entities.

Schuetzler, Grimes,
Giboney (2020);
Epley, Waytz,
Cacioppo (2007)

Anthropomorphic
design in HCls can
evoke a sense of
social presence,
leading to socially
acceptable
behaviour.

Tsai, Liu and Chuan

(2021)

Warn that over-reliance
on human-like features
can lead to unrealistic
cxpectations and
disappointment.

Usability

Araujo and Casais
(2020)

Highlight the
Personalisation-
Privacy Paradox,
perceived
uscfulness, case of
use, and
compatibility as
factors influencing
attitudes towards e-
commerce chatbots.

Vu, Hoang Lai,
Tran et al. (2022)

Chatbot usability
significantly
enhances customer
satisfaction.

Liao, Davis, Geyer
etal (2016)

Chatbots can fail to meet
user expectations due to
limited ability to handle
unexpected issues or
provide personalised
responses. Failure to
resolve issues effectively
leads to customer
frustration and decreased
satisfaction.

Lubbe, Ngoma

Support the findings

(2021); Rese, |, . OP factors
. . influencing attitudes
Ganster, Baier towards
(2020) commerce chatbots.
Prior resecarch
Munusamy, aligning with the
Chelliah (2010); gning
. findings on the
Wang, Shich impact of chatbot
(2006); Zaim, | 'TPAC O chaho
. usability on
Bayyurt, Zaim
customer
(2010) . .
satisfaction.

Skrebeca, Kalniete,
Goldbergs et al.
(2021)

Main challenges for
chatbots include inability
to understand users’
requests accurately due
to lack of contextual
awareness and inability
to understand the
consumer's will.
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Responsiveness

Jiang, Cheng,
Yang ctal. (2022)

satisfaction. Recommend

Responsiveness and
conversational tone in
chatbot communication
have significant direct

effects on customer

employing dialogic
communication style in
chatbots to foster high-
quality customer
relationships.

Munusamy,
Chelliah (2010);
Wang, Shich

(2006): Zaim demand for
- ‘.. | responsiveness in service
Bayyurt, Zaim

y(yzO 10) technology.

Support the finding that
there is a growing

Vu, Hoang Lai,
Tran etal. (2022)

responsiveness did

increased demand
for responsiveness

Chatbot

not significantly
impact customer
satisfaction,
possibly due to

in service
technology.

Perceived Trust

Vu, Hoang Lai,
Tran etal. (2022)

Perceived trust plays a
crucial role in enhancing
customer satisfaction,
emphasising its necessity
for a satisfactory online
experience.

Akter, D'ambra,
Ray (2013)

Supports the influence of
perceived trust on
customer continuance
intention.

Accessibility

Orden-Mcjia,
Huertas (2021)

Previous rescarch
suggests that enhanced
accessibility improves

Tran etal. (2022)

Vu, Hoang Lai,

Found no link
between chatbot
accessibility and

consumer
satisfaction, likely
due to young
participants for
whom accessibility
is a given.

overall customer
happiness.

Biswas, Omar,
Rashid-Radha
(2020); Assaker,
Hallak, Assaf et
al. (2015)

Emphasise age as a
moderating factor
in the relationship

between

accessibility and
customer

satisfaction.
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Empathy

Vu, Hoang Lai,
Tran etal. (2022)

Empathy in chatbots
significantly predicts
customer satisfaction;
warm expressions
enhance user experience
and satisfaction.

Han, Yin and
Zhang (2022)

Empathic chatbots
may enhance
perceptions of

warmth but often
fail to convey
competence,

especially during
service failures,
reducing trust and
satisfaction.

Da Costa Liberato,
Alén-Gonzalez, de
Azevedo Liberato
(2018); Finstad
(2010); Pappas,
Pateli, Giannakos
etal (2014);
Portela, Granell-
Canut (2017)

Empathy in technology
agents positively
influences user
perceptions and opinions.

Agarwal, Maiya
and Aggarwal
(2021)

Chatbots trained to
demonstrate
empathy might
struggle with
recognising and
responding to
nuanced human
emotions,
potentially causing
frustration.

Seeger, Pfeiffer
and Heinzl
(2021); Mozafari,
Weiger and
Hammerschmidt
(2022)

Failures in
empathetic chatbot
Tesponses can
Increase user
frustration and
scepticism, leading
to abandonment of
conversations.

Hedonistic

Folstad and
Brandtzaeg (2020)

Identified hedonistic
attributes as an enticing
feature of chatbots in
education, health, and
customer service,
enhancing user
experience.

Nordheim, Felstad,
Bjerkli (2019)

Hedonistic attributes in
HCI contribute to a more
engaging user experience.

Folstad and
Skjuve (2019)

Users prioritise
pragmatic attributes
such as efficiency
and effectiveness
over hedonistic
features in task-
oriented
interactions.

Helpful

Edwards, Edwards,
Spence et al.
(2014)

Al chatbots perceived as
attractive, credible, and
competent in
communication and
interactional intentions.

Edwards,
Edwards, Spence
etal. (2014)

Human live-chat
agents were notably
perceived as more
attractive in both
social and task
contexts compared
to chatbots.

Page 32 of 112



Provides Reliable
Information

Ashfag, Yun, Yu et
al. (2020)

Quality of information
and service provided by
chatbots significantly
enhances user satisfaction.

Huang and Gursoy
(2024)

Chatbots impact customer
satisfaction through
appropriate language
styles and emotional and
informational support.

Table 1 - Most Prominent and Prevalent Chatbot Attributes identified through Literature
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Attribute

Endorse

Details

Chlllense

Details

Human Touch

McLean, Osei-

al. (2020)

Frimpong, Wilson ct

Human-live chat
interactions provide
a personal touch
through warmth,
assurance,
attentiveness, and
customised content.

Giebelhausen,
Robinson, Sirianni
ctal. (2014)

Live agents adapt
responses based on
emotional tone and

customer needs,
leading to a
satisfying and
personalised
experience.

Ashfaq, Yun, Yu et of interaction
al. (2020) necessary for
complex problem-
solving.

Chatbots often fail
to provide the depth

Mou and Xu (2017)

Human touch does not
always lead to higher
customer satisfaction,

particularly in scenarios
prioritising efficiency.

Emotional
Intelligence

McLean and Osei-
Frimpong (2017)

Emoticons in
human-live chat
interactions enhance

empathy and
convey emotions
effectively, boosting

customer
satisfaction and

loyalty.

Hill, Ford and
Farreras (2015)

Users prefer human
live-chat due to
emotional nuances
and comfort in
interactions
compared to Al
chatbots.

Grandey, Goldberg
and Pugh (2011)

Excessive emotional
labour in customer
service can lead to

employee burnout and
may not necessarily
increase customer
satisfaction.
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Contextual
Awareness

Liao, Davis, Geyer
etal. (2016)

Human agents excel
in maintaining
context and
coherence in
conversations,
enhancing customer
understanding and
value.

Hill, Ford and
Farreras (2015)

Human
conversations are
richer in content

and context,
contributing to
higher quality
interactions
compared to
chatbots.

Hill, Ford and
Farreras (2015)

In high-pressure
situations, detailed
inquiries for contextual
understanding may
reduce efficiency and
satisfaction.

Problem-Solving
Skills

Jiang, Guo, Wei et
al. (2022)

Human agents excel
in handling
unexpected issues
and complex
problem-solving,
enhancing
perceived
competence and
reliability.

Mou and Xu (2017)

Users demonstrate
higher trust and
satisfaction when
complex queries are
handled by human
agents rather than
AL

Adam, Wessel and
Benlian (2020)

For straightforward and
routine inquiries,
customers may prefer
automated solutions due
to consistency and speed.

Trust and
Credibility

Gefen, Karahanna
and Straub (2003)

Human-live chat
interactions are
perceived as more
trustworthy due to
agents' expertise,
authenticity, and
detailed
explanations.

Ashfaq, Yun, Yu et
al. (2020)

Trust is a crucial
factor influencing
user satisfaction in

both human and Al
interactions, with
humans typically
garnering higher
trust levels.

Xiao and Benbasat

(2007)

Perceived trustworthiness
of human agents can be
undermined by
inconsistencies and
crrors, potentially
reducing satisfaction
compared to automated
systems.
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Efficiency and
Responsiveness

Collier and
Bienstock (2006)

Human-live chats
can provide quick
and accurate
responses,
enhancing customer
satisfaction in
urgent or sensitive

situations. Meuter, Ostrom,

Roundtree et al.

Hill, Ford and
Farreras (2015)

Human agents offer (2000)

responsiveness and
depth of
understanding that
chatbots often lack,
contributing to
higher quality
interactions.

Customers may prefer
the swift responses of
automated systems in
highly routine and
repetitive tasks, finding
them more efficient and
satisfying.

Personalisation

Nguyen (2019)

Personalised service,
where agents
remember previous
interactions and
tailor responses,
improves customer
satisfaction and
loyalty. Automated
systems struggle to
achieve this level of
personalisation.

Sutanto, Palme, Tan
etal. (2013)

Ashfaq, Yun, Yu et
al. (2020)

Personalisation
enhances user
satisfaction.
Chatbots lag behind
humans in
providing highly
personalised

Excessive personalisation
can be perceived as
intrusive, leading to

discomfort and reduced

satisfaction, especially

where privacy and data

security concerns are
present.

experiences.

Table 2 - Most Prominent and Prevalent Human Live-Chat Attributes identified through Literature
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Attribute

Chatbot

Human Live-Chat

Human-Like &
Human Touch

Supports

Anthropomorphic Al
chatbots in e-commerce
enhance user
experience, perceived
helpfulness, and utility
(Zarouali, Van Den
Broeck, Walrave et al.,
2018).

Human-live chat interactions
provide a personal touch through
warmth, assurance, attentiveness,
and customized content (McLean,
Osei-Frimpong, Wilson et al.,

2020).

Human-computer
interactions are social,
with users perceiving

computers as social

entities (Nass, Moon,

2000; Nass, Steuer,
Tauber, 1994).

Live agents adapt responses based
on emotional tone and customer
needs, leading to a satisfying and
personalized experience
(Gicbelhausen, Robinson,
Strianni et al., 2014).

Anthropomorphic
design in HCls can
evoke a sense of social
presence, leading to
socially acceptable
behaviour (Schuetzler,
Grimes, Giboney,
2020; Epley, Waytz,
Cacioppo, 2007).

Does Not
Support

Over-reliance on
human-like features
can lead to unrealistic
expectations and
disappointment (Tsai,

Liu, Chuan, 2021).

Live agents adapt responses based
on emotional tone and customer
needs, leading to a satisfying and
personalised experience (Mou,
Xu, 2017).
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Empathy &
Emotional
Intelligence

Supports

Empathy in chatbots

significantly predicts

customer satisfaction;

Warm expressions
enhance user
experience and

satisfaction (Vu, Hoang
Lai, Tran et al., 2022).

Emoticons in human-live chat
interactions enhance empathy and
convey emotions effectively,
boosting customer satisfaction
and loyalty (McLean, Osei-
Frimpong, 2017).

Empathy in technology
agents positively
influences user
perceptions and
opinions (Da Costa
Liberato, Alén-
Gonzalez, de Azevedo
Liberato, 2018;
Finstad, 2010; Pappas,
Pateli, Giannakos et al.,
2014; Portela, Granell-
Canut, 2017).

Users prefer human live-chat due
to emotional nuances and
comfort in interactions compared
to Al chatbots (Hill, Ford,
Farreras, 2015).

Does not
Support

Empathic chatbots
often fail to convey
competence during

service failures,
reducing trust and
satisfaction (Han, Yin,
Zhang, 2022).

Failures in empathetic
chatbot responses can
increase user frustration
and skepticism
(Agarwal, Maiya,
Aggarwal, 2021;
Seeger, Pfeiffer,
Heinzl, 2021;
Mozafari, Weiger,
Hammerschmidt,

Excessive emotional labor in
customer service can lead to
employee burnout and may not
necessarily increase customer
satisfaction (Grandey, Goldberg,
Pugh, 2011).

2022).
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Perceived trust plays
crucial role in
enhancing customer
satisfaction,
emphasising its
necessity for a
satisfactory online

Lai, Tran et al,, 2022).

experience (Vu, Hoang

a

Human-live chat interactions are
perceived as more trustworthy
due to agents' expertise,
authenticity, and detailed
explanations (Gefen, Karahanna,
Straub, 2003).

Supports the influence
of perceived trust on
customer continuance
intention (Akter,

D'ambra, Ray, 2013).

Trust 1s a crucial factor
influencing user satisfaction in
both human and Al interactions,
with humans typically garnering
higher trust levels (Ashfag, Yun,
Yu etal., 2020).

Supports
Perceived Trust &
Credibility
Does Not
Support

Perceived trustworthiness of
human agents can be undermined
by inconsistencics and errors
(Xizo, Benbasat, 2007).
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Responsiveness &
Efficiency

Supports

Responsiveness and
conversational tone in
chatbot communication
have significant direct
effects on customer
satisfaction. Dialogic
communication style
recommended to foster
high-quality customer
relationships (Jiang,
Cheng, Yang etal.,,
2022).

Human-live chats can provide
quick and accurate responses,
enhancing customer satisfaction
in urgent or sensitive situations
(Collier, Bienstock, 2006).

There is a growing
demand for
TeSpPONSIVEness in
service technology
(Munusamy, Chelliah,
2010; Wang, Shich,
2006; Zaim, Bayyurt,
Zaim, 2010).

Human agents offer
responsivencess and depth of
understanding that chatbots often
lack, contributing to higher
quality interactions (Hill, Ford,
Farreras, 2015).

Does Not
Support

Chatbot responsiveness
did not significantly
impact customer
satisfaction, possibly
due to increased
demand for
TeSpONSIVEness in
service technology
(Vu, Hoang Lai, Tran
ctal, 2022).

Customers may prefer the swift
responses of automated systems
in highly routine and repetitive
tasks (Meuter, Ostrom, Roundtree
etal., 2000).
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Helpful &
Problem-Solving
Skills

Supports

Al chatbots perceived
as attractive, credible,
and competent in
communication and
interactional intentions
(Edwards, Edwards,
Spence et al., 2014).

Human agents excel in handling

reliability (Jiang, Guo, Wei et al.,

unexpected issues and complex
problem-solving, enhancing
perceived competence and

2022).

Quality of information
and service provided
by chatbots
significantly enhances
user satisfaction
(Ashfaq, Yun, Yu et
al., 2020).

Users demonstrate higher trust
and satisfaction when complex
queries are handled by human
agents rather than Al (Mou, Xu,
2017).

Chatbots impact
customer satisfaction
through appropriate

language styles and
emotional and
informational support

(Huang, Gursoy,

2024).

mteractions compared to chatbots

Human conversations are richer
in content and context,
contributing to higher quality

(Hill, Ford, Farreras, 2015).

Does not
Support

Chatbots often fail to
provide the depth of
interaction necessary
for complex problem-
solving (Ashfag, Yun,

Yuetal, 2020).

For straightforward and routine
mnquiries, customers may prefer
automated solutions due to
consistency and speed (Adam,
Wessel, Benlian, 2020).
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Reliable
Information and
Contextual
Awareness

Supports

Main challenges for
chatbots include
inability to understand
users' requests
accurately due to lack
of contextual awareness
and inability to
understand the
consumer's will
(Skrebeca, Kalniete,
Goldbergs et al., 2021).

Human agents excel in
maintaining context and
coherence in conversations,
enhancing customer
understanding and value (Liao,
Davis, Geyer et al., 2016).

Human conversations are richer
in content and context,
contributing to higher quality
interactions compared to chatbots

(Hill, Ford, Farreras, 2015).

Does not
Support

Chatbots can fail to
meet user expectations
due to limited ability to
handle unexpected

issucs or provide

personalized responses

(Liao, Davis, Geyer et
al., 2016).

In high-pressure situations,
detailed inquiries for contextual
understanding may reduce
efficiency and satisfaction (Hill,
Ford, Farreras, 2015).
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Other Attributes:

Usability,
Accessibility &
Hedonistic
Features

Supports

Usability: Chatbot
usability significantly
enhances customer
satisfaction (Vu, Hoang
Lai, Tran etal., 2022).

Accessibility: Chatbots
provide 24/7
availability and quick
access to information,
making them accessible
anytime (Ashfag, Yun,
Yuetal, 2020).

Hedonistic: [dentified
as an enticing feature
of chatbots in
education, health, and
customer service,
enhancing user
experience (Folstad,
Brandtzaeg, 2020).

Does not
Support

Usability: Chatbots can
fail to meet user
expectations due to
limited ability to handle
unexpected issues or
provide personalised
responses (Liao, Davis,
Geyer etal., 2016).

Hedonistic: Users
prioritise pragmatic
attributes such as
efficiency and
effectiveness over
hedonistic features in
task-oriented
interactions (Folstad,
Skjuve, 2019).

Table 3 - Comparison of Most Prominent and Prevalent AI Chatbot and Human Live-Chat Attributes identified through

Literature
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By applying ECT, this study aims to determine whether the attributes that emerge from this

study will align with or differ from the existing literature.

Figure 2 below provides a comparative analysis of positive and negative attribute expectations

for human live-chat agents and Al chatbots based on literature.

= Personal Touch
p=——= Emotional Intelligence

p=— Contextual Awareness
= Positive Attributes =—

Problem-Solving Skills

pr== Trust and Credibility

Human Live-Chat === b Personalisation

Variability in Responses

Possible Human Errors

— Negative Attributes Potential for Bias

Higher Operational Costs

Attribute Expectations Limited Availability
24/7 Availability
Efficiency and Cost-Effectiveness
= Positive Attributes Immediate Responses
Scalability

Reliable Information

Al Chatbot ==y
Limited Context Awareness

Struggles with Complex Tasks

— Negative Attributes Lack of Emotional Depth
Privacy Concerns

Customers’ Unrealistic Expectations

Figure 2 - Comparison of Positive and Negative Attribute Expectations from Literature for a Human Live-Chat vs Al
Chatbot

This study aims to fill a gap in the current body of knowledge by providing a detailed analysis
of how customer expectations and subsequent satisfaction differ between Al chatbots and

human live-chat agents on e-commerce platforms.
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2.8 Conclusion

This literature review has critically examined customer expectations and satisfaction in
interactions with Al chatbots versus human live-chat agents, identifying key gaps in
understanding. While Al chatbots offer efficiency and cost-effectiveness, they often fall short
in delivering the human-like qualities many customers expect. Conversely, human agents are
valued for empathetic responses but face limitations in scalability and resource demands.
Current research frequently addresses Al chatbots and human agents independently, lacking a
thorough comparison of customer expectations and satisfaction. By leveraging ECT, this study
aims to address these gaps and provide deeper insights into customer experiences in e-

commerce.
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3. Methodology

3.1 Context of Research

As stated in prior chapters, this research aims to explore customers’ specific expectations when
interacting with Al chatbots compared to human live-chat agents on an e-commerce website
and to explore how these specific expectations influence overall customer satisfaction. This
methodology chapter will detail the research approach taken and justify the methods used for

data collection.

3.2 Research Philosophy

Saunders, Lewis, and Thornhill (2016) outline five main research philosophies: positivism,
critical realism, interpretivism, post-modernism, and pragmatism. This study adopts an
interpretivist philosophy, aligning its ontology, epistemology, and axiology with interpretivist

principles.

Interpretivism is grounded in the belief that human interpretation is key to understanding social
realities. As Prasad (2005) explains, interpretivism centres on how individuals perceive and
interpret their experiences, making these perceptions fundamental to building social knowledge

(Eriksson, Kovalainen 2008, Symon, Cassell 2012).

Acknowledging that social reality is often shaped through individual and collective
experiences, this study recognises the complex nature of reality. It embraces the interpretivist
view that while a tangible world exists, our understanding is shaped by social and cultural
contexts (Symon, Cassell 2012). The researcher’s role, therefore, involves balancing
objectivity with an awareness of interpretation's influence on analysis (Eriksson, Kovalainen

2008).

This research philosophy was chosen due to its focus on human perceptions and narratives,
which is essential in exploring the relationship between customer expectations and satisfaction.

It is particularly relevant to Al and human live-chat interactions in e-commerce, where
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subjective customer experiences are crucial for understanding satisfaction levels (Tsoukas,

Knudsen 2003, Eriksson, Kovalainen 2008, Symon, Cassell 2012).

3.3 Research Approach

The choice of research approach is crucial as it dictates the procedures for data collection,
analysis, and interpretation. Saunders, Lewis and Thornhill (2016) describe three approaches
to theory development: deduction, induction, and abduction. Deduction involves deriving
specific conclusions from general premises, induction draws general conclusions from specific

observations, and abduction forms plausible hypotheses to explain observations (Uwe 2018).

In qualitative research, the inductive approach is particularly significant. Erikkson and
Kovalainen (2008) note that qualitative research is rooted in inductive reasoning, where
theories emerge from empirical findings rather than pre-existing hypotheses. Inductive

research begins with observations and builds theoretical insights from the data.

This study adopted an inductive approach, aligning with its interpretivist philosophy. Given
the aim to explore customer expectations and satisfaction in Al and human live-chat
interactions, an inductive approach allowed for insights to emerge directly from specific

observations, generating meaningful and contextually relevant findings (Azungah 2018).

Following an inductive approach also allowed openness to unexpected findings, as theories
evolve in response to data rather than being fixed (Johnson, Duberley 2000). This flexibility
was essential for understanding the complex, dynamic nature of customer interactions in e-

commerce.

Observation Pattern

Figure 3 - Induction Approach Process - Adopted from Saunders, Lewis, Thornhill (2016)
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3.4 Data Collection

3.4.1 Primary Data

Primary data collection was chosen for this study to ensure that the gathered data aligned
closely with the study’s objectives rather than repurposing data collected for other purposes.
This choice allowed the researcher to tailor the research design to meet the study’s specific

aims (Adams 2015, Saunders, Lewis, Thornhill 2016).

A key advantage of this method is the flexibility of qualitative interviews, enabling participant
selection based on the study’s needs. Since semi-structured interviews were carried out, a list
of themes and key questions were prepared, and adapted during each interview. This
adaptability ensured that the interviews remained relevant and focused, while also permitting
exploration of new topics that emerged during the conversations. By adapting questions to the

flow of each interview, the study captured a well-rounded understanding of the research topic.

3.4.2 Qualitative Approach

A research study can employ both qualitative and quantitative approaches. Qualitative methods
focus on gathering non-numerical data, such as through interviews and focus groups, whereas
quantitative methods involve the collection of numerical data (Erikkson and Kovalainen 2008,

Saunder, Lewis, Thornhill 2016).

This study employed a qualitative approach, given its aim to understand customer expectations
when interacting with Al chatbots versus human live-chat agents and how these expectations
impact satisfaction. By using qualitative methods, detailed data was gathered through customer
interviews, revealing specific expectations for different interaction types and capturing

nuanced insights often missed by quantitative approaches.

Therefore, semi-structured interviews were conducted in this study, enabling participants to
respond in a conversational style rather than through direct questions and answers. This method
was selected to emphasise and elaborate on the participants' words, providing richer detail

compared to quantitative methods like Likert-scale surveys (Bell, Bryman, Harley 2022).
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3.4.3 Semi-Structured Interviews

As highlighted previously, semi-structured interviews were used as the data collection tool for

this study. These interviews answered the below research questions:

RQ1: What are the specific expectations customers have when interacting with Al chatbots

compared to human live-chat agents on an e-commerce website?

RQ2: How do these specific expectations influence overall customer satisfaction when using

Al chatbots versus human live-chat agents?

The below interview guide (Figure 4) was used for the semi-structured interviews. The full

interview guide can be found in Appendix A.
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Topic

General Information

Discussion Questions/Prompts

e Familiarity with both agents

Literature Source

regarding i ¢ Belanche, Belk, Casalo
Chatbot/Live Chat Whytd;’ youinteract withboth ., .1 (5924,
Interactions agents:
e Describe an interaction with
. both agents
Chatbot Interactions

e Prompt: Both positive and
negative interactions

e Primary Expectation when Burgoon, Bonito,
interacting with each agent Lowry et al. (2016),

e Prompt: Valence of Crolic, Thomaz, Hadi
expectations (positive and et al. (2021), Oliver
negative) (2015), Go and Sundar

. e Ranking these expectationsin  (2019), Lankton and
Chatbot Expectations terms of which bring most McKnight (2012),
& (Dis)Confirmation g

satisfaction if met

e Thinking back to the
experiences you mentioned
before, would you say that
your expectations were
reached? (for both agents)

Parasuraman, Ziethaml,
Berry (1994), Fu,
Zhang, Chan (2018),
Kumar, Israel, Malik
(2018), Novak,
Hoffman, Yung (2000)

Chatbot Satisfaction

e Were the expectations you

identified prior to the chatbot

interaction met?

e Prompt:Did you assess your
satisfaction level according to

expectation confirmation?
e Most v Least Satisfactory
Attribute
e Were there any moments of

Frustration & Dissatisfaction?
e Prompt: Highlighting specific

attributes and if these were
satisfactory (e.g.,
responsiveness, clear
information)

e Prompt: Satisfaction with
chatbot + brand

trustworthiness, user intention

Oliver (2015); Eren
(2020), Ghazali,
Mutum, Lun (2023),
Liao (2007), Rheu, Dai,
Meng et al. (2024),
Jenneboer, Herrando,
Constantinides (2022),
McLean, Wilson
(2016), Siswi,
Wahyono (2020),
Hallowell (1996)

Figure 4 - Interview Guide
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The interviews were conducted in person to accurately capture participants’ reactions, actions,

and behaviours. Each session was recorded and transcribed to support the data analysis process.

Interview questions were crafted from insights in the literature review to ensure alignment with
research objectives. They aimed to further explore the research questions and gather
information about participants’ past experiences with Al chatbots and human live-chat agents,

as well as their interactions with a chatbot tool created for the study.

A key method employed in these semi-structured interviews was the Critical Incident
Technique (CIT). This technique involves collecting and analysing significant incidents that
illuminate the phenomena under study - in this case, expectations and satisfaction when
interacting with an Al chatbot vs a human live-chat agent in an e-commerce website. CIT was
selected for its ability to capture rich, detailed data, offering deep insights into the research

questions (Sharoff 2008, Saunders, Lewis, Thornhill 2016).

CIT was used particularly in the first part of the interview. The researcher noted whether
participants initially described a positive or negative interaction with Al chatbots or human

agents, which influenced the tone for the rest of the interview.

Example of the application of the CIT from the Interview Guide:

e Have you ever interacted with an Al chatbot, and if so, what was your experience like?
Can you mention a specific interaction? (See what they mention first - a positive or a
negative interaction and delve deeper).

e Have you ever interacted with a human live-chat agent, and if so, what was your
experience like? Can you mention a specific interaction? (See what they mention first -

a positive or a negative interaction and delve deeper).
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3.4.4 Sampling

Given that it is impractical to collect data from the entire target population, sampling is a
necessary step in this research. Since the sampling frame is not available and the research does
not aim to make statistical inferences about the entire population, the sample does not need to
be proportionally representative. The primary aim of this research is exploratory, focusing on
in-depth insights rather than broad generalisations, and the selected cases may be difficult to
access. Therefore, typical case sampling, a type of purpose sampling technique was employed

(Saunders, Lewis, Thornhill 2016).

Typical case sampling involves selecting participants who represent the average experience
within the population. This approach allows for a clearer exploration of the phenomenon in a

typical setting, avoiding the influence of extreme cases (Nyimbili, Nyimbili 2024).

Participants were selected from the 18-27 age range, representing Generation Z. This
demographic was chosen to maintain consistency within a generational cohort and to focus on
a group highly relevant to the study, as Generation Z frequently engages with chatbots and
digital communication tools. A total of twenty-seven interviews were conducted, ceasing upon

reaching data saturation (Glaser, Strauss 2017).

3.4.5 Pilot Study

Conducting a pilot study is an essential step in research, serving as a preliminary test of the
research instrument with a small group of participants. While a pilot study does not guarantee
the success of the full-scale research, it improves the likelihood of achieving reliable results
(Saunders, Lewis, Thornhill 2016, Uwe 2018). In this study, a pilot test was carried out with
three participants, and their feedback was used to refine and improve the research instrument

before the broader data collection began.

As shown in Appendix A, the interview questions were organised into four sections. The first
section focused on participants’ knowledge of Al chatbots, functioning as an icebreaker and
providing background information on the participant. No changes were made here, as
participants understood the questions well. A limitation was noted when participants lacked

prior experience with either agent, preventing the use of the CIT.
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The second section explored expectations for both AI chatbots and human live-chat
interactions. While no significant changes were needed, it was observed that participants
sometimes required additional guidance on “primary expectations” for each agent.
Additionally, the last two questions, which focused on preferences, were often skipped as

participants addressed them indirectly earlier in the interview.

The third section introduced the AI chatbot tool. To ensure consistency, all participants
engaged with a fictional e-commerce business chatbot, Prestige, based on Frank Zampa’s
current business model. Participants were given a brief and 25 questions to choose from when
interacting with the chatbot. The primary issue observed was that participants needed more

time to review the questions before interacting with the chatbot.

Prestige

Hello and welcome to Prestige, your ultimate destination for exquisite, high-end
jewelry. I'm here to assist you with any questions or concerns you may have about our
products or your orders. How can | assist you today?

This is an automated chatbot response.

Hi, I just received a notification that my order has been delayed, and | need it urgently for
an event tomorrow. My order number is 12345678. It's a gift, and | need it by tomorrow.
Can you help me?

Prestige i© @' O 2:20pm

I'm sorry to hear about the delay in your order, and | understand your urgency,
especially for a special event. | can try my best to answer your questions to the best of
my abilities. How can | assist you further regarding your order?

1. What is the current status of my order?

Prestige i @ O 2:21pm

Your order is currently in transit but has enc |, red a delay. The new estimated
delivery date is 15th August 2024. If you have iy more questions or need assistance,

S

Figure 5 - Screenshot of an Interaction with the Chatbot

The fourth and final section of the interview focused on assessing participants' satisfaction with
the Al chatbot tool they interacted with in the previous section. This section aimed to evaluate
their overall experience with the chatbot and compare it to their satisfaction with human live-

chat agents. Unlike the previous sections, this part was less structured; while the interview
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guide provided a framework, participants often shared additional insights, leading to follow-

up questions.

Additionally, the questions were translated into Maltese, as most participants preferred or

required Maltese for additional guidance during the interview.

3.5 Data Analysis Methodology

Nvivol4, a specialised qualitative data analysis software, was used to analyse the collected
data, assisting in sorting and organising information for in-depth examination. Due to language
limitations, Nvivo did not transcribe the interviews, as some were conducted in Maltese, which
the software does not support. Therefore, the researcher manually translated and transcribed
the interviews into Word documents before importing them into Nvivo. The software facilitated
thematic analysis by enabling the creation of themes and identifying connections between

them, providing a nuanced understanding of the data.

The thematic approach outlined by Gioia, Corley, and Hamilton (2013) was employed. Data
analysis began with initial codes reflecting interviewees' specific terms, ensuring accuracy.
These codes were then examined for patterns and relationships, leading to broader themes.
Through iterative transcript reviews, these themes were refined and grouped into aggregate
dimensions, building a structured progression from raw data to theoretical concepts (Gioia,
Corley, Hamilton 2013), suitable for inductive, qualitative-interpretivist research (Gehman,

Glaser, Eisenhardt et al. 2018).

Following Jackson and Bazeley’s (2019) approach, coding began with a detailed transcript to
establish initial codes. Relationships between second-order themes were explored to classify
them into higher-level aggregate dimensions. For example, categories like "Efficiency and
Speed" and "Complexity and Task Suitability" were grouped under "Operational Efficiency."

This method was consistently applied across the dataset.

Ultimately, five distinct aggregate dimensions were identified, as illustrated in Figure 6 and

discussed in the next chapter.
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3.6 Ethical Considerations

Prior to each interview, participants were informed that their voices would be recorded solely
for research purposes. To protect their privacy and secure consent, a consent form was provided
before the interview, reminding them of their right to end the interview at any time. A sample

of the consent form, collected via Google Forms, is included in Appendix B.

The consent form confirmed that participation was entirely voluntary and that no incentives
were offered. The study was also conducted with impartiality to ensure unbiased analysis and

results.

3.7 Methodological Challenges and Limitations

It is essential to acknowledge the limitations inherent in this methodology.

Firstly, the qualitative nature of the research may lead to context-specific findings that are
difficult to generalise. The emphasis on interpretation could introduce subjectivity, potentially
impacting the reliability of results due to respondent or recall bias (Saunders, Lewis, Thornhill
2016). To mitigate respondent bias, clear and direct questions were formulated, and a pilot
interview was conducted to identify and minimise potential biases (Saunders, Lewis, Thornhill

2016, Eriksson, Kovalainen 2011).

A notable challenge was the development of the chatbot using Zapier, which required multiple
tests to ensure functionality aligned with the research goals. Additionally, participants were
given 25 preset questions to choose from when interacting with the chatbot. While this
approach standardised the experience across participants, it also posed limitations, as
participants occasionally had to select the closest match to their intended question, potentially

affecting the authenticity of their engagement and responses.
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4. Results

4.1 Introduction

This study focused on Maltese Generation Z nationals, aged 18 to 27 in 2024. This chapter
presents findings from the primary data, addressing the two main research questions using the
Gioia Method (Gioia, Corley, Hamilton 2013), which organises data into first-order concepts,

second-order themes, and aggregate dimensions.

The chapter begins with participant profiles, summarising their familiarity, experiences, and
expectations with Al chatbots and human live-chat agents. This context sets the stage for a

deeper exploration of participant perspectives.

The findings are organised around the two main research questions. First, they examine
customer expectations of Al chatbots versus human agents on e-commerce sites, focusing on
efficiency, speed, complexity, empathy, problem-solving, reliability, and personalisation.
Second, they explore how these expectations affect customer satisfaction, identifying areas

where Al and human agents succeed or fall short.

4.2 Sample Description

This study included 27 participants, with 15 males and 12 females, aged between 18 and 27.
Among them, 23 are full-time students, 14 of whom are also employed part-time, while the
remaining 4 are graduates working full-time. In terms of experience, 10 participants reported a
low level of familiarity with Al chatbots, 8 had moderate experience, and 9 had high
experience. For human live-chat agents, 9 participants had low experience, 10 moderate, and 8
high. The slight difference in experience levels shows a majority with low Al chatbot

experience and moderate human live-chat experience.
The table below details each participant's gender, age, field of study, field of work, and

experience levels with Al chatbots and human live-chat agents, categorised as low, moderate,

or high.
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E . Experience
xperience .
. . . . . with Human
Participant | Gender | Age Field of Study Field of Work with Al .
Live-Chat
Chatbots A
gents
P1 Male 22 Economics Not Applicable High High
P2 Male 22 Accounting Accounting Low Low
P3 Male 21 Economics Not Applicable Low Low
P4 Male 21 Earth Systems Earth Systems Moderate Moderate
P5 Male 22 Accounting Not Applicable Low Moderate
P6 Male 21 Accounting Accounting Moderate Low
P7 Male 21 Accounting Accounting Low Low
P8 Male 21 Accounting Not Applicable Low Moderate
P9 Female 27 Earth Systems Earth Systems High High
P10 Female 23 Marketing Earth Systems High High
P11 Male 24 Not Applicable Business High High
P12 Male 23 Not Applicable Business High High
P13 Female 21 Marketing Marketing Moderate Low
P14 Female 21 Accounting Accounting Low Moderate
P15 Male 18 Marketing Not Applicable Moderate Moderate
P16 Female 21 Accounting Accounting Moderate Moderate
P17 | Female | 22 | Bankingand | Bankingand Low Low
Finance Finance
P18 Male 21 Marketing Freclance Moderate Moderate
Photography
. Customer . .
P19 Male 27 Not Applicable Service High High
P20 Female 22 Marketing Accounting High Low
P21 Female 22 Accounting Not Applicable Moderate Low
P22 Female 22 Accounting Not Applicable High High
P23 Male 22 Economics Not Applicable Moderate Moderate
European Politics and
P24 Female 22 Studies Current Affairs Low Moderate
P25 Male 22 Not Applicable Marketing Low Moderate
P26 Female 22 Accounting Not Applicable Low Low
P27 Female 21 Law Law High High

Table 4 - Table of Participants
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4.3 Participants’ Familiarity with AI Chatbots and Human Live-Chat Agents

Participants were asked about their familiarity with regards to Al chatbots and human live-chat
agents to assess their experiences and understanding of these technologies. The responses were

varied, reflecting different levels of interaction and familiarity.

4.3.1 Familiarity with AI Chatbots
Of the 27 participants, 19 reported familiarity with Al chatbots, while 8 indicated limited
familiarity. Those familiar with chatbots mentioned using them in contexts such as online

shopping, customer service inquiries, and telecommunications.

“I think I have a good understanding of what a chatbot is. I use them regularly, mostly

to buy things online or to learn more about certain shops.” (Participant 1)

Interestingly, while the initial question focused on familiarity, several participants quickly
referenced negative experiences with Al chatbots. Common issues included slow response
times and impersonal interactions, indicating that familiarity often did not translate into

positive experiences.

“I don’t think they’re that efficient. I used it once, but it took a long time to reply so I
didn’t continue using it.”’ (Participant 26)

“I am a bit familiar. Overall, I am open to the use of Al chatbots, although, as so far,
my experience has been a little bit negative when it comes to the results that were

generated when compared to what I actually wanted.” (Participant 18)

4.3.2 Familiarity with Human Live-Chat Agents

In comparison, familiarity with human live-chat agents was slightly higher, with 21 participants
indicating familiarity and 6 stating they were not. Those familiar with human live-chat agents
often compared these interactions to Al chatbots, generally favouring live-chat agents for their

personal touch and effectiveness in handling complex issues.
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“I've interacted with human agents... I would say that the experience is a bit more
detailed, and if my issue is not a common one, a human could help more." (Participant

24)

Some participants expressed a preference for interacting with human agents when Al chatbots

were unable to resolve their issues.

“Sometimes I ask the bot to connect me to a human because I can’t communicate to the

bot properly." (Participant 25)

“Generally, I made use of the service when the Al chat wasn’t enough. So, I end up

having to divert to someone who can help me a bit better.” (Participant 9)

In conclusion, while most participants were familiar with both Al chatbots and human live-
chat agents, there was a clear preference for human agents, particularly in situations requiring
nuanced understanding and detailed responses. Mixed experiences with Al chatbots indicate
that, despite their widespread use and recognition, some scepticism persists about their

effectiveness, especially when compared to human agents.

4.4 Participants’ Experiences with Al Chatbots and Human Live-Chat Agents

Participants discussed their experiences with Al chatbots and human live-chat agents,
highlighting perceived strengths and weaknesses of each. Out of 27 participants, 19 had
experience with Al chatbots, while 8 had not; similarly, 20 had interacted with human live-chat
agents, with 7 lacking such experience. These interactions included both positive and negative

aspects.

4.4.1 Experiences with AI Chatbots
From the 19 participants who had prior experience with Al chatbots, the responses were mixed.

Some participants praised the efficiency and speed of Al chatbots.

"...my experience has always been a relatively good one. ...they always understood
what I was referring to, and the time they took to reply was always very short”
(Participant 1)
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Another participant (Participant 12) noted the utility of chatbots in filtering queries before

escalating them to a human agent, which they found effective in reducing wait times.

However, several participants voiced frustration with Al chatbots’ limitations, citing issues like
a lack of contextual understanding and repetitive, unhelpful responses. One participant
(Participant 13) described their experience as "neutral to negative,” explaining that they had to

“repeatedly prompt the chatbot, only to receive the same unhelpful response each time”.

Participant 20 echoed a similar sentiment, noting that while the chatbot was helpful for basic

tasks, it ultimately could not resolve their issue, requiring human intervention.

Other participants similarly felt that Al chatbots struggled with more complex or specific
queries. One participant described an experience where the chatbot’s responses felt "limited
and unhelpful,” leading them to request a transfer to a human agent. This reflects a broader
concern among participants that, although Al chatbots are efficient, they may lack the depth of

support needed in more complicated situations.

“It was very unhelpful, because it was very limited in its responses. I noticed it was Al,
because it was spitting out different responses, but the same thing in essence. And it
kept going round in circles, even though I kept asking for something different. So, it
was very, very not useful, and at the end I had asked it specifically to redirect me to a

human.” (Participant 4)

4.4.2 Experiences with a Human Live-Chat Agent
Experiences with human live-chat agents were similarly varied among the 20 participants who
had used them. Many participants valued the human touch and the agents’ ability to handle

more complex issues.

"The person was helpful. We arrived to what [ wanted eventually. I never had to go
back because the person didn’t help me... I think human is always better because they
focus more on your issue. When it’s Al it has four options and it can’t really help you

beyond that, and your problem might not be one of those four options."” (Participant 22)
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However, not all interactions with human agents were positive. Some participants reported long
wait times and occasional misunderstandings. One participant recounted a frustrating
experience, noting they had to wait a long time to connect with a human agent, only to find that

the agent did not fully understand their query.

“It was a bit more frustrating because I had to wait for a pretty long time to get to the

agent and then longer for them to respond.” (Participant 15)

Another participant mentioned that although they initially contacted a human agent expecting

better service, the agent simply referred them to another email, which they found disappointing.

“In my experience, it’s not that successful in the way that all they did was refer me to

another email, because my issue was too specific.” (Participant 14)

Interestingly, some participants found that the line between Al and human agents could be
blurred, with one participant unsure whether they were interacting with a human or an Al,

leading to a somewhat neutral experience.

“I had one experience with a human, but I didn’t really believe that it was a human. [
still found the product I wanted, but whether it was an Al or a human, I don’t know."

(Participant 21)

This underscores a potential challenge in customer experience: the lack of clear communication
regarding whether a customer is interacting with a human or an Al can influence perceived

service quality.

In summary, while participants generally viewed human live-chat agents as more capable of
handling complex, nuanced issues, they valued Al chatbots for their speed and efficiency with
straightforward queries. The mixed experiences with both types of agents suggest room for
improvement in how these technologies are deployed, especially in ensuring they complement

each other effectively to meet diverse customer needs.

Page 61 of 112



4.5 Participants’ Expectations for Al Chatbots and Human Live-Chat Agents

Understanding participants' expectations is crucial in the context of ECT (Oliver 2015), which
posits that customers form initial expectations of a service or technology, which then influence
their subsequent satisfaction based on whether these expectations are confirmed or

disconfirmed.

This section explores participants' specific expectations for Al chatbots and human live-chat
agents. These expectations, shaped by prior experiences and perceptions, significantly impact
how participants assess their interactions and determine whether the actual service aligns with
their expectations (Zeithaml, Berry, Parasuraman 1993). Interview data highlighted a range of
anticipations around efficiency, accuracy, personalisation, and the overall customer

experience, all of which contribute to satisfaction or dissatisfaction as described by ECT.

The expectations identified from participants' responses were categorised into the five distinct
levels outlined in the literature: basic, performance, delight, latent, and ideal expectations

(Oliver 1980, Parasuraman, Zeithaml and Berry 1985).

4.5.1 Expectations for AI Chatbots

Basic Expectations
At the most fundamental level, participants expected Al chatbots to handle routine tasks

efficiently, delivering quick and accurate responses.

"[ expect it to have instant responses and accurate responses to my problem, not other

information.” (Participant 15)

For many, speed was a central expectation, with instant responses seen as a minimum

requirement, especially for simpler queries.

“I expect the resolution to be quick, that’s for sure.” (Participant 19)
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However, these basic expectations also underscored AI’s limitations. While participants valued
efficiency, they often expected Al chatbots to struggle with complex or nuanced queries,

resulting in lower expectations for sophisticated interactions.

"When I notice that it’s an Al chatbot, I would have low expectations... It might be a bit

repetitive or take a while to understand.” (Participant 16)

Performance Expectations

Beyond basic functionality, participants held performance expectations regarding the chatbot's
overall competence. They expected chatbots to manage common tasks effectively, without
demanding excessive customer effort. Expectations varied with task complexity; participants
generally expected chatbots to perform well with straightforward, transactional tasks but

recognised limitations in handling more nuanced issues.

"If I'm feeling lazy, and it’s a simple yes or no question, or I don't feel like looking up
a phone number or an address or something, and I need it quickly or whatever, I'll ask,
and it will give it, because it’s something in the programme that can easily answer it.”

(Participant 14)

Participants often noted that for straightforward queries, such as obtaining contact details or
basic information, chatbots should deliver quick and efficient responses. However, for more

complex issues, they had lower expectations of the chatbot's ability to handle them effectively.

“I would say that the human live-chat experience is a bit more detailed. And if my issue

is not a common one, 1 feel like a human usually tends to help more.” (Participant 24)

This highlights that participants’ performance expectations were highly context-dependent,

with task complexity shaping their confidence in the chatbot’s capabilities.

Delight Expectations

While most participants did not expect Al chatbots to exceed basic and performance needs,
some expressed a desire for chatbots to surprise them by going beyond these expectations. This
included handling nuanced issues and providing personalised responses, even though such

expectations were rarely met.
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“It gave me something more than I actually was expecting.” (Participant 12)

These delight expectations, though less commonly mentioned, reflect participants' hopes for

Al to advance beyond basic functionality, delivering a more seamless and intuitive experience.

Latent Expectations

Latent expectations, or unspoken assumptions, also emerged during the interviews. A notable
example was the expectation of privacy when using Al chatbots. Although privacy is
emphasised in the literature (e.g. Pizzi, Scarpi and Pantano 2021, Huang, Markovitch and
Stough 2024), surprisingly few participants mentioned it directly. This suggests that
participants may have assumed data protection measures were already in place, viewing

privacy as a given.

Ideal Expectations

Ideal expectations for Al chatbots were less commonly expressed, as most participants
prioritised efficiency and accuracy. However, some participants voiced a desire for Al to
eventually reach a level of advanced interaction, where chatbots could seamlessly combine

human-like understanding with the speed and efficiency of Al

“I would suggest making it more human-like to show a bit more emotions, but not as

much as a person obviously.” (Participant 1)

4.5.2 Expectations for Human Live-Chat Agents

Basic Expectations
In contrast to Al chatbots, participants’ basic expectations for human live-chat agents
emphasised understanding and empathy. At a minimum, participants expected human agents

to engage with emotional awareness and a level of human understanding that Al often lacks.

"l think that the human live chat, might behave differently in a way that it can
understand feeling." (Participant 12)
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Performance Expectations
Participants’ performance expectations for human agents focused on accuracy and in-depth
knowledge. They expected human agents to provide precise, well-informed responses and to

handle complex queries more effectively than chatbots.

"Knowledgeable is the most important for me, then for it to answer what I ask.”

(Participant 11)

“I would expect it to understand my problem further. Since they have more expertise in

the field". (Participant 16)

Interestingly, while participants valued the human touch, they acknowledged that human agents
might be slower in response times compared to chatbots. However, they often found the trade-

off acceptable if it meant receiving a more accurate or empathetic response.

"[ think it would take more time when using a human. But again, you lose something,

you get something back”. (Participant 12)

Delight Expectations
Some participants expressed delight expectations, hoping for human agents to exceed basic
requirements by offering personalised solutions and delivering an experience that surpassed

their initial expectations.

“There's this human aspect that understands and it gives you these personal tips to

make your experience better.” (Participant 4)

Latent Expectations

Latent expectations also surfaced for human live-chat agents. While literature often highlights
limitations of human agents, such as higher operational costs and limited availability compared
to Al chatbots, these issues were not mentioned by participants. This absence suggests that
participants may subconsciously accept these limitations but do not view them as significant

concerns, likely focusing more on the quality of interaction than on operational constraints.
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In summary, participants’ expectations for Al chatbots centred on speed, efficiency, and
handling routine queries, while human live-chat agents were expected to provide deeper
understanding, empathy, and expertise. Examining these expectations across different levels
reveals how alignment or misalignment of these expectations shapes participants' satisfaction

with their interactions.
To systematically explore the data, the Gioia Method for Coding (Gioia, Corley, Hamilton
2013) was applied, enabling a detailed analysis of the relationship between participants'

expectations and their satisfaction.

4.6 Relationship between Participants’ Expectations and their Satisfaction

The first step in the analysis involved systematically reviewing each of the 27 transcripts in
NVivo 14, identifying key statements and phrases, known as first-order concepts (Gioia,
Corley, Hamilton 2013, Chandra, Shang 2019, Castillo, Canhoto, Said 2020). These first-order
concepts reflect participants’ immediate experiences and expectations regarding Al chatbots

and human live-chat agents.

These first-order concepts were then grouped into broader categories, or second-order themes,
which capture recurring ideas and patterns in the data. Finally, these themes were distilled into
aggregate dimensions, encapsulating the key findings of the analysis (Gioia, Corley, Hamilton

2013, Chandra, Shang 2019, Castillo, Canhoto, Said 2020).

This section reveals a complex relationship between participants' expectations and their
satisfaction with Al chatbots and human live-chat agents. Findings indicate that while
participants appreciate chatbots for their efficiency and quick responses, particularly for
managing simple, high-volume queries, they consistently prefer human agents for complex
tasks requiring flexibility, problem-solving, and empathy. The analysis explores the
interactions between response speed, task complexity, tone, problem-solving ability, assurance,

scalability, and personal touch in relation to both Al chatbots and human agents.

These insights are synthesised in the Data Analysis Framework (Figure 6), which illustrates

the core themes and dimensions emerging from the data.
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"I trust human agents more because
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"Human agents provide a sense of

assurance that Al chatbots can't match"
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Figure 6 - Data Analysis Framework

4.6.1 Speed of Responses

Participants expressed a strong preference for the speed and efficiency of Al chatbots,
particularly for handling routine tasks. Many valued chatbots' rapid response times, seeing

quick responses as a core expectation for simple queries.

"[ feel that you get the job done much faster through interacting with an Al chatbot.”
(Participant 1)

This reflects a general expectation for efficiency in chatbot interactions. However, some
participants highlighted a trade-off between speed and accuracy, which occasionally led to

unmet expectations and frustration.

“The response rate from an Al chatbot is much quicker... but sometimes just getting an

answer... that isn’t really exactly what you need.”” (Participant 10)

Human agents, while perceived as slower, were often viewed as more reliable in delivering

accurate responses.
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"I would expect slower service [from a human live-chat agent], but I would expect that

it's more reliable, perhaps, and accurate.” (Participant 4)

This points to a nuanced expectation where customers seek both speed and precision, with
satisfaction levels varying based on query complexity. These insights reveal the underlying
expectations customers hold when interacting with Al chatbots versus human agents, as they
weigh the convenience of rapid responses against the need for accuracy and contextual

relevance.

4.6.2 Complexity of Tasks

Al chatbots were appreciated for their efficiency with simple tasks, but participants
encountered challenges when expecting chatbots to handle complex issues. Disconfirmation of
expectations occurred when participants sought solutions to nuanced problems that chatbots

struggled to address.

"For an issue like this [having an order not arriving by its estimated date of arrival], 1

would prefer to instantly be in contact with a human." (Participant 4)

While Al chatbots met expectations for basic queries, they often fell short in complex
scenarios, leading participants to request escalation to human agents who could provide more

tailored support.

“For extremely simple queries, a chatbot is useful... but for more complicated queries...

there are humanistic solutions to it [that the chatbot does not offer]." (Participant 19)

The participants' experiences highlight that while Al chatbots are appreciated for their speed
and efficiency in handling straightforward tasks, they are often viewed as insufficient when
dealing with complex or personalised issues. This contrast in task suitability reflects the distinct
expectations customers have for different types of service agents and suggests broader

implications for customer satisfaction.

Contextual understanding emerged as a significant factor in customer interactions, especially

in situations involving nuanced or complex issues. While participants praised Al chatbots for
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efficiently managing basic queries, several noted that these systems often lacked the depth

required for more intricate problems.

“There was no way to put context to what I'm asking... I can’t explain my situation for

it to understand me.” (Participant 25)

This limitation in contextual awareness also contributed to frustration in cases where empathy

or urgency was needed.

“A human would have understood the urgency." (Participant 16)

These responses underscore a gap between customer expectations for contextual understanding
and Al chatbots' current capabilities. While chatbots perform well with simple inquiries, their
limited ability to interpret complex or emotionally charged situations reduces their
effectiveness. Consequently, this unmet expectation often led participants to seek escalation to

human agents, whose abilities were perceived as better aligned with their needs.

4.6.3 Tone of Response

The distinction between Al chatbots and human agents became particularly apparent when
participants reflected on the role of human insight and empathy in customer service. Many
participants felt that human agents were better equipped to handle emotionally charged

situations or those requiring understanding beyond the literal query content.

Participants' expectations regarding the tone of response often led to disappointment with Al
chatbots, which they found robotic and repetitive despite expectations for a neutral or friendly

tone.

"The consistency of Al chatbots feels too robotic, like it doesn't care about the

problem." (Participant 12)

’

"With Al it feels like there’s less effort put into solving an issue, and the tone is robotic.’

(Participant 12)
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In contrast, human agents were seen as capable of delivering empathetic responses, particularly

in sensitive situations, which increased participant satisfaction when empathy was present.

“They [the human agent] are more empathetic, a human would empathise more than

the chatbot.” (Participant 20)

Participant 19 noted that human agents are more likely to "soften the blow" with personalised,
compassionate responses that chatbots cannot replicate. This highlights the significant role of

empathy in customer satisfaction, particularly when customers are frustrated or upset.

The findings suggest that while Al chatbots are adequate for tasks without an emotional
component, they fall short in situations requiring empathy and personalised support. The ability
of human agents to understand and respond to the emotional and contextual nuances of

customer issues is a key factor in delivering a satisfactory customer experience.

4.6.4 Problem-Solving

Participants frequently encountered disconfirmation of expectations with Al chatbots in terms
of problem-solving. They often anticipated some degree of flexibility from chatbots, especially
in situations requiring alternative solutions. However, many found chatbots unable to move

beyond scripted responses, resulting in frustration.

“The chatbot wasn’t capable of solving my issue, the human had to do it.” (Participant

12)

This reflects a gap between participant expectations for dynamic problem-solving and the rigid
responses often provided by chatbots. In contrast, human agents were valued for their
adaptability and creativity in addressing complex issues, meeting participants' expectations for

personalised problem-solving.

“Human agents often offer alternative options, demonstrating flexibility that Al lacks.”
(Participant 24)
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The ability of human agents to think outside the box and offer tailored solutions was seen as a

distinct advantage in customer service scenarios needing more than a basic answer.

"[ believe that a human can understand the issue at hand better.” (Participant 1)

4.6.5 Assurance

Participants often expected Al chatbots to deliver reliability and consistency, especially for
routine tasks. In such cases, chatbots typically met or exceeded these expectations, confirming

participants' belief in their efficiency.

"AI will always be consistent. If it’s consistently bad or consistently good, it’s always

consistent.” (Participant 11)

The reliability of chatbots was frequently contrasted with the variability found in human agents,

whose helpfulness could depend on factors such as mood or individual skill.

"[With an Al chatbot] you know that you're always going to receive the same amount
or the same quality of service. When you 're looking at a human live chat agent, it very

much depends on the type of person that you meet with as well." (Participant 24)

The consistency of Al chatbots was viewed as a notable benefit for straightforward tasks, where
quick, reliable responses are essential. However, some participants voiced concerns about
chatbot reliability in more complex scenarios. Participant 4 noted that while the chatbot
confirmed actions like sending follow-up emails, which added to its perceived reliability,
doubts remained regarding its ability to handle nuanced issues consistently. This suggests that
while chatbots are generally dependable for basic tasks, their reliability is less assured when

contextual understanding is required.

Trust in Al chatbots emerged as a nuanced issue. Many participants appreciated the consistency
of chatbots but expressed mixed feelings about fully trusting the information provided. For
example, Participant 15, although satisfied with a chatbot’s response, still wanted

"confirmation from a human" for critical matters. This sentiment was echoed by others, who
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felt that while chatbots are efficient, they often lack the human touch needed to inspire full

confidence, creating a gap between expectations and outcomes.

In situations where reliability is essential, participants frequently sought human agents for
confirmation, underscoring an ongoing challenge for Al chatbots in building trust, particularly

in complex or high-stakes interactions.

“My interaction with the chatbot was fine. But when it comes to confirmation, 1’d prefer

having the confirmation from a human rather than a chatbot.” (Participant 23)

“I trust more that the human will solve my problem at a slower pace, but it will

eventually get there." (Participant 4)

These responses highlight an ongoing challenge for Al chatbots in building trust, particularly
when participants feel that a human touch is essential to instil confidence in complex or

important interactions.

4.6.6 Scalability

Participants largely expected Al chatbots to handle high volumes of inquiries efficiently, and
this expectation was confirmed. Chatbots were praised for their ability to manage simple,

repetitive tasks at scale.

"Where if it’s basic information, if I need something kind of like tracking or when it will
arrive and stuff like that, Al is the way to go because it’s just so quick.” (Participant
10)

This efficiency in managing large volumes of queries was seen as a clear advantage. However,
while chatbots excel at handling high volume, they often lack the personal touch desired for
complex or emotionally charged issues, resulting in disconfirmation. Participant 13 noted that
Al can be beneficial “during times like night shifts,” yet participants preferred human agents

for more complex needs, believing humans better understand and respond to nuances.
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Participants also noted that while Al chatbots reduce social anxiety in interactions, they lack
the empathy that human agents provide, which is critical for customer satisfaction in

personalised exchanges.

“I'm much more comfortable with a chatbot and I have less anxiety that the other

person might react in a negative way.” (Participant 18)

“When it is something a bit more personal, I think human is a bit better.” (Participant

10)

The recurring tension between personal touch and volume-handling emerged in participant
responses. While chatbots’ standardised responses are efficient, they sometimes lack the depth
required for tailored interactions. Participant 3 observed that chatbots can “be enough to reach
your goal” for simple queries, but human agents are preferred for complex issues requiring
customisation. Participant 6 further highlighted that while chatbots can store more information,

humans provide “real-life communication” that enables realistic and adaptable solutions.

“I think that they [AI chatbots] can store more information and can be faster than
humans. However, obviously humans have the aspect that it is real-life communication

so it is more realistic, and they can provide you with better solutions.” (Participant 6)

Some participants expressed frustration with the lack of personalisation in chatbot interactions,
describing it as "speaking a bit to a wall" (Participant 10), while human agents’ ability to “read
between the lines” (Participant 14) was valued for responding empathetically and offering

nuanced solutions.

“A human, I hope, would be able to read between the lines and say, okay, they re upset,
what do I do? Do I offer a refund? Do they want to exchange this? You know? That’s
the ideal.” (Participant 14)

These responses highlight that while Al chatbots are advantageous for scalability, they often

fall short in meeting needs for personalisation, especially in complex scenarios, reinforcing

participants' desire for more individualised interactions.
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4.6.7 Overall Satisfaction and Frustration

Participants’ overall satisfaction with AI chatbots was closely tied to the confirmation or
disconfirmation of their expectations, particularly regarding speed and efficiency. Satisfaction

was high when chatbots met expectations for quick responses in straightforward scenarios.

"I'm satisfied because it gave me a reply immediately and I didn’t have to stay waiting.”

(Participant 16)

However, satisfaction was often tempered when chatbots fell short on handling complex or
nuanced issues. Many participants reported feeling satisfied only when their needs were basic.
For example, Participant 18 was "completely satisfied" with simpler interactions, whereas
Participant 21 noted being "quite satisfied" but wished for "more details rather than having to
prompt it." These responses suggest that satisfaction could be higher if chatbots were more

adept at anticipating customer needs in varied contexts.

Frustration, on the other hand, frequently arose when chatbots provided repetitive or unhelpful
responses. Many participants expressed annoyance with generic replies, such as “If you have
any more questions or need assistance, feel free to ask!” - phrases that, while polite, did not

address specific concerns.

"I don’t want to ‘feel free to ask’. I want an answer." (Participant 10)

This gap between expectations and service led to dissatisfaction, particularly when participants
felt the chatbot failed to grasp the urgency of certain situations. Participant 19, for instance,
reported "extreme dissatisfaction" when the chatbot could not meet a pressing need,
highlighting how unmet expectations in time-sensitive situations can intensify frustration. This
often stemmed from the perception that while chatbots perform well in basic tasks, they lack

the depth and flexibility required for more complex issues.
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4.7 Conclusion

This chapter’s findings detail the differences between Al chatbots and human agents across six
key dimensions: speed of response, complexity of tasks, tone of response, problem-solving,

assurance, and scalability.

Expectations were confirmed when chatbots provided quick, efficient responses for routine
tasks. However, disconfirmation often occurred with issues requiring accuracy, contextual
understanding, or empathy, resulting in customer frustration. Human agents, conversely,
confirmed expectations in complex or emotionally charged scenarios, offering personalised,
empathetic responses that met higher standards for problem-solving and assurance, though at

a slower pace.

The study suggests that a combined approach, leveraging the efficiency of Al chatbots
alongside the personalised service of human agents, is crucial for meeting a wide range of
customer needs and effectively managing expectations. These findings set the stage for a more

detailed discussion on enhancing customer satisfaction and trust in e-commerce.
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5. Discussion

5.1 Introduction

This chapter addresses the research questions by comparing customer expectations for Al
chatbots and human live-chat agents in e-commerce. The study explores specific customer
expectations and their impact on satisfaction, using qualitative interviews analysed through

ECT. Data was coded with the Gioia Method using Nvivo 14.

5.2 Summary of Findings

Among the 27 participants, 19 were familiar with Al chatbots, primarily through e-commerce
and customer service, while 8 had limited experience. For human live-chat agents, 21
participants were familiar and generally preferred them for handling complex issues, whereas

6 had minimal experience.

Participants praised chatbots for their speed and efficiency with straightforward queries but
expressed frustration with their limitations on complex issues, often receiving repetitive
responses. Conversely, experiences with human agents were valued for empathy and problem-

solving in complex situations, though some noted slow response times.

Expectations for chatbots centred on quick, efficient responses, with lower expectations for
contextual understanding. For human agents, expectations focused on empathy and
adaptability. Satisfaction with chatbots was high for routine tasks but declined with more
complex issues, often leading to a switch to human support. Satisfaction with human agents

was linked to their ability to manage nuanced interactions, despite occasional delays.
For future interactions, most participants preferred Al for simple tasks but favoured human
agents for complex or emotional queries, emphasising the need for a balance between Al

efficiency and human empathy in customer service.

5.3 Interpretation and Implication of Findings

This section will be split into two parts, with each part interpreting the findings for each of the

research questions previously identified.
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5.3.1 Research Question 1
What are the specific expectations customers have when interacting with Al chatbots

compared to human live-chat agents on an e-commerce website?

The findings of this study indicate that customers have distinct and context-dependent
expectations when interacting with Al chatbots and human live-chat agents. These expectations

are largely influenced by the context of the interaction and the complexity of the query.

Participants consistently identified speed and efficiency as their primary expectations for Al
chatbots, aligning with the literature that highlights chatbots' quick, consistent responses for
routine inquiries. Widyastuti, Ferdiana, and Nugroho (2023) emphasise operational efficiency
as a core advantage of Al chatbots, a view echoed by participants who valued prompt
resolutions, especially for tasks like order tracking or product availability checks. However,
participants also expected chatbots to deliver accurate, relevant information - particularly for

real-time data like order status or inventory - without requiring repeated prompts.

Participants also noted a key limitation: chatbots often struggle with complex inquiries or
personalised responses. This aligns with critiques in the literature, such as those by Adam,
Wessel, and Benlian (2020) who highlight chatbots' frequent failure to meet expectations in
complex interactions that require deeper understanding. Participants shared this view,
expressing disappointment in chatbots' inability to move beyond pre-programmed responses.
Similarly, Skrebeca, Kalniete, Goldbergs et al. (2021) discuss chatbots’ challenges in
accurately interpreting customer requests due to limited contextual awareness, a frustration

echoed by participants in this study.

In contrast, participants expected human live-chat agents to offer personalisation, empathy, and
problem-solving abilities, aligning with existing literature. These findings support the view that
human agents are better suited to handle complex or emotionally charged interactions
(McLean, Osei-Frimpong, Wilson et al. 2020). Many participants depended on human agents
for issues requiring deeper understanding and anticipated empathy and emotional intelligence
- qualities that Al chatbots could not fulfil. This aligns with Hill, Randolph Ford, and Farreras'
(2015) argument that human interactions, rich in content and context, result in higher-quality

interactions, especially when personalised responses are needed.
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This expectation resonates with Castillo, Canhoto and Said (2020), who noted that customers
seek out human agents for emotional support or nuanced solutions that chatbots often fail to
provide. Despite advancements in Al, the lack of contextual understanding and empathy
remains a significant limitation, as highlighted in several studies (Adam, Wessel, Benlian 2020,

Griffith, Simonite 2018).

Anthropomorphism, an attempt to make chatbots more human-like, was discussed in the
literature as a way to improve interactions (Zarouali, Van Den Broeck, Walrave et al. 2018).
However, interview findings reveal that, despite some advancements, participants still felt
chatbots lacked the emotional intelligence of human agents. This supports the caution raised
by Tsai, Liu, and Chuan (2021), who suggest that anthropomorphism can raise unrealistic
expectations, leading to dissatisfaction when chatbots fail to meet deeper customer needs.
McLean and Osei-Frimpong (2017) further argue that human interactions, especially those
using emoticons or social cues, are more emotionally fulfilling, enhancing empathy and

customer satisfaction.

The findings of this study indicate that customers view Al chatbots and human live-chat agents
as complementary. Chatbots are expected to handle simple, repetitive tasks quickly and
efficiently, without the need for deep, personalised engagement. In contrast, human agents are
expected to deliver empathy, flexibility, and skill in managing complex issues. This dichotomy
is well-supported in the literature; for instance, Castillo, Canhoto, and Said (2020) and Cheng,
Zhang, Cohen et al. (2022) suggest that human agents excel in high-context, emotionally

charged interactions, whereas chatbots are effective in low-context, efficiency-driven tasks.

To summarise the findings for the first research question, this study shows that customers have
distinct expectations when interacting with Al chatbots versus human live-chat agents.
Customers primarily expect chatbots to provide speed and efficiency in routine tasks, such as
order tracking or basic queries, but often experience frustration when chatbots struggle with
complex or personalised issues. While speed and efficiency are key in chatbot interactions,
empathy, personalisation, and emotional intelligence are more critical with human agents,
especially for complex or emotionally charged issues (Adam, Wessel, Benlian 2020, Ashfaq,

Yun, Yu et al. 2020).
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The frustrations noted in this study mirror critiques of chatbots' lack of emotional intelligence
(Skrebeca, Kalniete, Goldbergs et al. 2021). Similarly, high expectations for empathy and
problem-solving in human agents are reinforced by studies like McLean, Osei-Frimpong, and

Wilson (2020), underscoring that Al and human agents serve complementary roles.

Some aspects discussed in the literature, such as anthropomorphism and trust/privacy concerns,
were not prominent in participant responses. Although research suggests that human-like
chatbots may enhance engagement (Zarouali, Van Den Broeck, Walrave et al. 2018),
participants preferred functionality over human-like traits. Similarly, although trust and privacy
are common concerns (Pizzi, Scarpi, Pantano 2021, Huang, Markovitch, Stough 2024),
participants did not raise these, possibly assuming secure data handling or prioritising

efficiency.

These findings highlight a nuanced distinction between the theoretical benefits discussed in the
literature and the practical expectations of customers in real-world applications. While the
literature often emphasises the potential for chatbots to improve through anthropomorphism,
personalisation, and emotional intelligence, participants in this study took a more balanced
approach. They acknowledged the value of personalisation and emotional responsiveness in Al
but recognised the limitations of current chatbot technology in fulfilling these needs. As a
result, participants preferred to rely on chatbots for efficiency and task-oriented functions,
while turning to human agents when situations required emotional sensitivity. This suggests
that customers see chatbots and human agents as complementary, with each playing a specific

role depending on the nature of the interaction.

5.3.2 Research Question 2
How do these specific expectations influence overall customer satisfaction when using Al

chatbots versus human live-chat agents?

This study’s findings indicate that customer satisfaction strongly depends on whether Al
chatbots and human live-chat agents meet, exceed, or fall short of customer expectations. ECT,
proposed by Oliver (1980), provides a useful framework for understanding these outcomes.
ECT suggests that satisfaction arises when a customer’s pre-interaction expectations are

confirmed or positively disconfirmed during the interaction. If expectations are met or
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exceeded, positive disconfirmation occurs, resulting in satisfaction. Conversely, unmet

expectations lead to negative disconfirmation, resulting in dissatisfaction.

For Al chatbots, participants entered interactions expecting speed, efficiency, and accuracy -
attributes commonly highlighted in the literature (Widyastuti, Ferdiana, Nugroho 2023). When
chatbots efficiently managed straightforward tasks like order tracking or product inquiries,
participants experienced positive confirmation, leading to greater satisfaction. This aligns with
Oliver’s (2015) interpretation of ECT, where performance that meets or exceeds expectations

prompts a positive response.

However, negative disconfirmation arose when chatbots were unable to manage complex or
context-dependent inquiries, a limitation noted frequently in the literature (Adam, Wessel,
Benlian 2020, Ashfaq, Yun, Yu et al. 2020). Participants expressed frustration when chatbots
failed to provide tailored solutions, sufficient flexibility, or an understanding of query specifics.
This lack of depth in handling intricate issues led to dissatisfaction, as chatbots were seen as
limited to pre-programmed responses, reinforcing negative disconfirmation. This aligns with
Skrebeca, Kalniete, Goldbergs et al. (2021), who highlight similar limitations in chatbot

capabilities.

Through the application of ECT, it becomes clear that chatbot interactions are largely
transactional, and satisfaction is dependent on how well chatbots can meet expectations for
speed and efficiency. However, when interactions demand personalisation or deeper
understanding, chatbots frequently fall short, resulting in negative disconfirmation and lower
satisfaction. This aligns with Pizzi, Scarpi, and Pantano (2021), who found that chatbots
perform well in low-context tasks but struggle with complex queries, where human agents are
preferred. Similarly, as noted by Skrebeca, Kalniete, Goldbergs et al. (2021), chatbots’ limited
contextual awareness restricts their capacity to provide the depth of understanding necessary

for effective problem-solving, often leading to customer dissatisfaction.

In contrast, interactions with human live-chat agents led to higher satisfaction, as participants
frequently experienced positive disconfirmation. Human agents often exceeded expectations,
particularly in handling complex queries, providing personalised responses, and demonstrating

empathy - qualities essential for high-context, emotionally nuanced interactions. This supports
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ECT, which suggests that satisfaction rises significantly when service performance surpasses

expectations (Oliver 2015).

Participants reported higher satisfaction with human agents due to the empathy and
personalisation they experienced, fostering a stronger sense of trust and reliability. Pizzi, Scarpi
and Pantano (2021) observed similar outcomes, noting that customers have elevated
expectations for human agents regarding empathy and problem-solving. When these

expectations are exceeded, satisfaction is significantly enhanced.

In terms of confirmation and disconfirmation, human agents held a clear advantage. While
chatbots generally met expectations for simple tasks, human agents consistently exceeded
expectations in complex situations. For instance, when issues required flexibility or a nuanced
approach, participants reported higher satisfaction with human agents who could adapt to their
specific needs. This led to positive disconfirmation, which Oliver (2015) identifies as a crucial

factor for fostering customer loyalty and long-term satisfaction.

Trust, a critical factor in ECT, significantly influenced satisfaction levels. While participants
expected chatbots to handle routine tasks efficiently, they frequently relied on human agents
when greater contextual awareness and emotional intelligence were needed. This aligns with
Folstad, Nordheim, and Bjerkli (2018), who found that customers trust chatbots for basic tasks
but view human agents as more reliable for complex problem-solving or emotionally sensitive
issues. Trust in human agents, especially in complex or emotionally charged situations, has
been highlighted in multiple studies as essential for fostering long-term customer satisfaction

and loyalty (Ashfaq, Yun, Yu et al. 2020, Gefen, Karahanna, Straub 2003).

In conclusion, this study finds that customer satisfaction strongly depends on whether Al
chatbots or human live-chat agents meet the expectations associated with the interaction’s
context. Al chatbots perform well in routine tasks, where speed and efficiency are prioritised,
resulting in positive confirmation. However, they frequently fall short in complex or
emotionally sensitive issues, leading to negative disconfirmation and overall dissatisfaction -
even if speed and efficiency expectations were met. In contrast, human live-chat agents are
more likely to exceed expectations in situations requiring personalisation, empathy, and

problem-solving, resulting in positive disconfirmation and higher satisfaction.
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These findings support ECT, confirming that satisfaction is directly linked to the fulfilment or
exceeding of initial expectations. While chatbots are suitable for low-context, efficiency-driven
tasks, human agents remain essential in ensuring satisfaction in complex and emotionally

nuanced interactions.

5.4 Conclusion

In conclusion, Al chatbots positively impact e-commerce customer service by meeting
expectations for efficiency and speed, offering instant, 24/7 responses for routine inquiries,
while human live-chat agents, preferred for complex or emotionally nuanced issues, provide
personalised assistance, empathy, and flexible problem-solving; thus, the complementary use
of chatbots for basic tasks and human agents for deeper interactions is essential for optimising

overall customer satisfaction.
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6. Conclusion

6.1 Contributions to the Literature

This research offers valuable contributions to the literature on customer service in e-commerce,
specifically regarding interactions with Al chatbots and human live-chat agents. A primary
contribution is the comparative analysis of customer expectations and satisfaction between
these two interaction types. While previous studies often treat Al chatbots and human agents
separately, this research bridges that gap by examining how each uniquely impacts customer
satisfaction. By focusing on both Al-driven and human agents, this study sheds new light on

nuanced aspects of customer experiences that have been largely overlooked in the literature.

Another significant contribution of this study is its application of ECT to compare Al chatbots
and human live-chat agents. While ECT has been widely used to assess customer satisfaction
in various contexts, its application to these two service agents within the same study is unique.
This research contributes to present theory by demonstrating how expectation confirmation or
disconfirmation varies between chatbot and human interactions, revealing key differences in
their impact on customer satisfaction and deepening the theoretical understanding of e-

commerce customer service experiences.

Methodologically, this study employed qualitative semi-structured interviews, alongside the
Gioia coding approach, to gain an in-depth understanding of customer expectations and
satisfaction. This inductive approach allowed for a nuanced look at customer experiences with
both Al chatbots and human agents, capturing detailed, context-specific insights that
quantitative methods might overlook. By using this method, the research ensured that the

analysis was both comprehensive and practically relevant.

This research offers practical insights into the roles of personalisation and empathy in customer
service. Findings show that while Al chatbots are valued for efficiently handling
straightforward queries, human agents are preferred for complex interactions needing empathy
and emotional intelligence. This distinction helps e-commerce businesses optimise customer
service by balancing Al and human agents according to interaction complexity, providing
actionable recommendations for managing expectations, enhancing satisfaction, and fostering

loyalty.
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6.2 Limitations of the Study

This research encountered several limitations. The small sample size, typical of qualitative
research, limits generalisability, suggesting that a larger sample in future studies could improve
validity. The focus on e-commerce restricts applicability to other industries with differing
customer interactions. Additionally, conducting the study within a single geographical region
may overlook cultural variations in expectations. Finally, time constraints prevented
longitudinal data collection, which could provide deeper insights into how customer

satisfaction evolves over time.

6.3 Future Direction

This research shows that customer expectations and satisfaction with chatbots and human
agents vary by interaction complexity. Future studies should examine these interactions across
industries beyond e-commerce, where customer needs differ, such as in healthcare or finance.
Including cross-cultural comparisons could reveal regional differences in expectations, while
longitudinal studies could track satisfaction changes as Al technology advances. Combining
quantitative with qualitative methods would further validate and generalise these findings.
Additionally, future research could test the comparative elements identified here through
experiments to quantitatively confirm the relationships among customer expectations,

characteristics, and disconfirmation.

6.4 Conclusion

This research study has contributed to the understanding of how customer expectations and
satisfaction vary between interactions with Al chatbots and human live-chat agents in e-
commerce, viewed through ECT. The first research question identified specific customer
expectations for chatbots versus human agents, while the second examined how confirmation
or disconfirmation of these expectations affects satisfaction. Findings show that chatbots meet
expectations efficiently for routine tasks, while human agents are preferred for complex,
empathy-driven interactions. These insights offer practical recommendations for e-commerce

businesses to balance Al and human agents, improving customer experiences and satisfaction.
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Appendix

Appendix A: Final Interview Guide

Literature Source

General Information
regarding
Chatbot/Live Chat
Interactions

Discussion Questions/Prompts

Familiarity with both agents

Why do you interact with both

agents?

Belanche, Belk, Casalo
et al. (2024)

Chatbot Interactions

Describe an interaction with
both agents

Prompt: Both positive and
negative interactions

Chatbot Expectations
& (Dis)Confirmation

Primary Expectation when
interacting with each agent
Prompt: Valence of
expectations (positive and
negative)

Ranking these expectations in
terms of which bring most
satisfaction if met
Thinking back to the
experiences you mentioned
before, would you say that
your expectations were
reached? (for both agents)

Burgoon, Bonito,
Lowry et al. (2016),
Crolic, Thomaz, Hadi
et al. (2021), Oliver
(2015), Go and Sundar
(2019), Lankton and
McKnight (2012),
Parasuraman, Ziethaml,
Berry (1994), Fu,
Zhang, Chan (2018),
Kumar, Israel, Malik
(2018), Novak,
Hoffman, Yung (2000)
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Chatbot Satisfaction

Were the expectations you
identified prior to the chatbot
interaction met?

Prompt:Did you assess your
satisfaction level according to
expectation confirmation?
Most v Least Satisfactory
Attribute

Were there any moments of
Frustration & Dissatisfaction?
Prompt: Highlighting specific
attributes and if these were
satisfactory (e.g.,
responsiveness, clear
information)

Prompt: Satisfaction with
chatbot + brand
trustworthiness, user intention

Oliver (2015); Eren
(2020), Ghazali,
Mutum, Lun (2023),
Liao (2007), Rheu, Dai,
Meng et al. (2024),
Jenneboer, Herrando,
Constantinides (2022),
McLean, Wilson
(2016), Siswi,
Wahyono (2020),
Hallowell (1996)

Page 102 of 112




Part 1 of Interview — Familiarity & Experiences

The first section of the interview will be dedicated to understanding the participant’s knowledge
on Artificial Intelligence Chatbots and Human Live-Chat, and their opinions. This section is
not structured as this will be used to break the ice between the researcher and the interviewee
whilst also understanding the background from which they come from. This will last around

10-15 minutes.

Introduction
e Briefly introduce myself and the purpose of the interview.

e Explain the aim of this section.

Questions

e (Can you please introduce yourself and provide a brief overview of your background
and professional experiences?

e How would you describe your familiarity with Artificial Intelligence Chatbots?

e How would you describe your familiarity with Human Live-Chat Agents?

e Have you ever interacted with an Al Chatbot, and if so, what was your experience like?
Can you mention a specific interaction? (See what they mention first - a positive or a
negative interaction and delve deeper).

e Have you ever interacted with a Human Live-Chat, and if so, what was your experience
like? Can you mention a specific interaction? (See what they mention first - a positive
or a negative interaction and delve deeper).

e In what areas do you think AI Chatbots can be most beneficial, and why?

e In what areas do you think Human Live-Chats can be most beneficial, and why?
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Part 2 of Interview — Expectations and Preferences

The second section of the interview will be dedicated to understanding their expectations, both
when it comes to interacting with an AI Chatbot and a Human-Live Chat. This will last around

10-15 minutes.

Introduction
e Transition from their experiences to their expectations and preferences.

e Explain that this section focuses on what they expect and prefer when interacting with

both systems.

Questions

e What are your primary expectations when interacting with an Al Chatbot? Is it possible
for you to rank these expectations?

e What are your primary expectations when interacting with a Human Live-Chat? Is it
possible for you to rank these expectations?

¢ In what scenarios would you prefer to interact with an Al Chatbot rather than a Human
Live-Chat Agent? Why?

e Conversely, in what scenarios would you prefer a Human Live-Chat Agent over an Al

Chatbot? Why?

This section will answer the first research question - What are the specific expectations
customers have when interacting with Al chatbots compared to human live-chat agents

on an e-commerce website?
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Part 3 of Interview — Al Chatbot Tool Experience

The third section of the interview will be dedicated to the Al Chatbot tool. This tool was built
so that participants all have the same experience with a chatbot, ensuring a controlled

experience for all participants. This will last around 10-15 minutes.

A fictional technological e-commerce business was invented, Prestige, based on the current

business plan and operations of Frank Zampa.

This brief will be given to the participants:

You have recently placed an order for an important item from an e-commerce website. This
item is a gift that you need for a special occasion, which is happening tomorrow. Unfortunately,
you just received a notification that your order has been delayed and might not arrive on time.
You need to resolve this issue as quickly as possible. Your primary goal is to either expedite the
delivery or find an alternative solution so that you have the gift in time for the special occasion.

You will interact with the AI Chatbot on the e-commerce website to address this issue.

You will need to type in this first prompt:

Hi, I just received a notification that my order has been delayed, and I need it urgently for an

event tomorrow. My order number is 12345678. It’s a gift, and I need it by tomorrow. Can you

help me?
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Below are the questions you may ask during the interaction:

1. What is the current status of my order?

2. Why has my order been delayed?

3. Can you confirm the new expected delivery date?

4. Is there any way to expedite the shipping so that it arrives tomorrow?

5. Can I pick up my order from a local store?

6. Do you have a similar item that can be delivered by tomorrow?

7. What compensation can you offer for this delay and inconvenience?

8. Can you provide me with the tracking number?

9. Can you assure me that my order will arrive by tomorrow if I choose expedited shipping?
10. What are my options if the item doesn’t arrive on time?

11. Can you help me cancel this order and place a new one with faster shipping?
12. What caused the delay in my order?

13. Is there a way to get a refund if my order doesn’t arrive on time?

14. Can you give me a discount on my next purchase due to this delay?

15. Can you connect me to a human representative for further assistance?

16. What are your store hours for the local pickup location?

17. Can you provide directions to the nearest store where I can pick up the item?
18. Is the similar item you mentioned available for immediate shipping?

19. Can I change the delivery address to a location where I’1l be tomorrow?

20. Can you notify me immediately if there are any further updates on my order?
21. What is your policy on delayed deliveries?

22. Can you send me a confirmation email with the updated delivery details?

23. Can you guarantee a specific delivery time for tomorrow?
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24. Can you provide a direct contact number for the local store?

25. What steps are you taking to ensure this delay doesn’t happen again in the future?

The Chatbot will be given a sentence to use as a reply for each of the above questions.
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Part 4 of Interview — Satisfaction

The fourth section of the interview will be dedicated to understanding the participant’s
satisfaction with the Al Chatbot tool they interacted with in the previous section of the
interview. This section aims to evaluate their overall experience with the chatbot and compare
it with their satisfaction levels when using human live-chat agents. This will last around 10-15

minutes.

Introduction
e Transition from the Al Chatbot tool experience to evaluating satisfaction.
e Explain that this section focuses on their satisfaction with the interaction and compares

it with their experiences using human live-chat agents.

Questions
e Overall, how satisfied were you with the Al Chatbot experience?
¢ Did the AI Chatbot meet your primary expectations? Why or why not?
e Which aspects of the Al Chatbot interaction did you find most satisfactory?
e  Which aspects of the Al Chatbot interaction did you find least satisfactory?
e  Were there any moments during the interaction where you felt frustrated or dissatisfied?
If so, can you describe them?
e How would you rate the responsiveness of the Al Chatbot?
e Did the Al Chatbot provide clear and helpful information?
e Do you feel that the Al Chatbot understood your issue and addressed it effectively?
e How does your satisfaction with the AT Chatbot compare to your past experiences with

Human Live-Chat agents?
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e Ifyou had the choice, would you prefer to interact with an AI Chatbot or a Human Live-
Chat agent for similar issues in the future? Why?

e Do you believe that the Al Chatbot could handle more complex issues? Why or why
not?

e What improvements would you suggest for the Al Chatbot?

¢ Do you think the compensation offered by the AI Chatbot was fair for the inconvenience
caused?

e How likely are you to recommend using an Al Chatbot to others based on your
experience?

e s there anything else you would like to add about your experience with the AI Chatbot
or how it could be improved?

e How does your satisfaction with this Al Chatbot compare to your experiences with
other AI Chatbots?

e Were there any specific features or responses of this AI Chatbot that stood out compared
to others you’ve used?

e Have you had more positive, negative, or similar experiences with other AI Chatbots?

Can you provide examples?

This section will answer the second research question - How do the specific expectations

customers have when interacting with AI chatbots compared to human live-chat agents

on an e-commerce website influence overall customer satisfaction?
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Part 5 of Interview — Conclusion

e Summarise the participant’s feedback in terms of the two research questions.
e Answer any questions they might have.

e Thank the participant for their time and insights.
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Appendix B: Consent Form

Link: https://forms.gle/LBwuCNsUVhq7bpuS6

Consent Form for Interview

You have been invited to participate in a research study titled 'From Expectations to

Satisfaction: Exploring Customer Interactions with AI Chatbots and Human Agents in e-
Commerce'. This study is being conducted as part of a MSc in Strategic Management and Digital
Marketing at the University of Malta (FEMA).

If you are willing to participate in this research study by interview, please complete and sign the
Google Form below.

Should you have any questions, feel free to contact me on kylie.decelis.20@um.edu.mt.

kylie.decelis.20@um.edu.mt Switch accounts 1)
Ca Not shared

* Indicates required question

Email Address *

Your answer

You agree to the Terms and Conditions for this Interview *

D I agree to take part in this interiew, according to these terms and conditions.

Kindly Sign Here by writing your Full Name and Surname *

Your answer
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Terms and Conditions

Link:
https://docs.google.com/document/d/1 EieMyV 8z3nTLishzCpkkpFGMH3BVv51LikleATkZI
g8/edit?usp=sharing

Terms an nditions for this interview bein nduct Kyvlie Deceli

e | confirm that I am over the age of 18 years old.

e [ confirm that I have read and understood the information sheet and have had the

opportunity to ask questions.

e [ understand that my participation is voluntary and that [ am free to withdraw at any
time without giving any reason and without there being any negative consequences. In
addition, should I not wish to answer any particular question or questions, I am free to

decline.

e [ understand that my responses will be kept strictly confidential. I understand that my
name will not be linked with the research materials and will not be identified or

identifiable in the report(s) that result from the research.

e [ agree for this interview to be recorded. I understand that the audio recording made of
this interview will be used only for analysis and that extracts from the interview, from
which. I understand that no other use will be made of the recording without my
written permission, and that no one except the researcher and their supervisor will be

allowed access to the original recording.

e [ agree that my anonymised data will be kept for future research purposes such as
publications related to this study after the completion of the study.
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